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I 24S el 222 PEste AEstE A~
g, Q1zto] Ad 85, 38, A4, ol 58S 2
3 FAE A F e SW 7lEE 2odHT
(Russell and Norvig, 2016). °]= Q1A 8, FES
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2, mAly, Ado] A, 404 59 2ot

Al 38 7]& o] tH(Pannu, 2015).
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DeLone and McLean2] IS Success Model & 7]<&
2 ol Ao Al=E F43 AR FHo] AR}
o] &3 85 S F= BAE T8
o2 HIghe FollA 1S EokollA de] H-8-5
1 AT} DeLone and McLean(2003)¢] w2 A] 2
q Fdo| AMEAE AEAH 0 R A|XES AMS
T e ARE Gtk Al2E FH 24 84
2+ 7154 (functionality), 7843 (availability), 2
54 (flexibility), ¥F-3-J (responsiveness) 52 %
om, A|&Fl FHo] FRA~HS JF 89l F
shuElar AlAEa Aok B3 AHEELS HHA|
2H 9] A EZ A AREATE ARA2E] ARGA
HEA|2~H 0 2 RE A A He FR td)
ARGAY =)= AR AS Oty KA
= 2 A(completeness), 7} 213} (personalization),
A (accuracy), 4 (relevance) 5] FEHS
53 AR #4248 SHsuA sk

Sk, IS Success Model S 2-8-3F A= 2npd
Hl 7] (Tam and Oliveira, 2017), e-71™ Z~(Hsu et al.,
2014; Rouibah et al., 2015; Wang et al., 2016), 22}t
$-E 7578 (Dahlberg et al., 2017) 5 TFF3F 44
M HZ7HA & o] Fo AL Utk 2L} IS Success
Model> BA|2~Fl o] gk ARg-A}e] AH-S nig
o7 ZAY AI=E #e ¥ G W 23S
g3 glom, Al9} 22 AR 2719A19
Zl&ol e 89T S ojEgo] Tt
A B AFdA = 7]& IS Success Model
(DeLone and McLean, 1992, 2003, 2004)8] %%
MEd EUZ Al 7|9 A9 $48 <3 1>
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B AFME Al 7|8 AlE-S AR} 8=
A% (temporal distance)ol] W} S 84A A 8=
7153 A4S st} a4 o]E(construal
level theory)S 2835t} s Aol A4
A 2] (psychological distance)ol] w2} 7§12] Abarwy
o] gdeEpzitte AS AHste o]20=, 7jQlo]
A AgF] A7t BaE sjAgEoe] £
w0l (high-level) &350l thal /32 o] Y3
o2 dfjAsl= Aao] o ditho] Z-$low-level)
AlF-A o)L FA AR XS sb= Aol dis) A
g3l AHTrope and Liberman, 2003). ©]= 42| 4]
A wet ARE s Msk= oA o] o
ojdtie A& 53, Ag A Azle AR A
O g2 RE A7 A& (temporal distance), &7+
7] (spatial distance), AF8] 2 A& (social distance),
52| 7 (hypothetical distance)”} Erht Ho 4]
A=A ol gt 27154 A (egocentric) 1415 558k
CH(Trope et al., 2007; Trope and Liberman, 2010).
AFTO| B2 T2 AHAL FF AFA TF
oARe, 53] A7 Al AHIARe] HdEoA
53 F OE el old g 3o % g
< A= Ao E Ve THDhar and Kim, 2007).
o3t s FFolEL 2l 7|E g &HAEY

Constructs Terms Features Definition
Completeness | Recognition Cognitive function quality that identifying and operating input signal
Al . ] . ; B
Attributes Personalization | Learning Ability |Learning function through user data
Accuracy Accuracy Interaction function quality that understanding user intention
Functionality Main function Number of specific functions that provided primarily
Non-Al o1 . ] B
Att(;;:) tes Availability Connectivity Number of other products and services that can be linked
u
Flexibility Compatibility Range of compatible with different version or operating system
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A A AT AT JEFS AHE AT A
< T A717F =AARE A7Eel ik FHj
7} stEshe Ao2 Uehge, ole 9l
of a4 A A MZE Aol tigt B Ao
Z7V8h7] W<l Ao 7 45t 2 THAlexander
et al., 2008).

A s qeEolEe e S RA(TAM T
A Anizte] 7% 8ol bt 2PanE A%
e A7) o] FolF e, HFFe] A w
2 A" A& 8] A(perceived ease of use)2] 3
e ¥istE BAFAtHHo et al., 2015; Shen and
Chiou, 2010). °]2|o| % IS Hofoll A afAF2
9eFe-S 1#3 A7 (Kankanhalli et al, 2015;
Kohler er al., 2011)7} TheFs}A] o] Fo] A 9o
o, & AFME Al 78 AlF 78l ek &
gs FelstaAl g

M
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HI

FExd tigh 7|E o]&2 Rd S ugo R
AP H Ao Ag Ao 7123 F23 J3F
8o digk 7id E40l AFE ] o, 4H|
A7t Asske 71ed 549 785 5 3
7} 71529 tigk Argo] FEE3thLuo et al, 2013).
%, &AL SR8 A B AEE 7
o] A% 3l 7lso] A& AFol gt 7|}
AA ] ZFo|7) Qe A 8 AHS 34
71e 7153 Aoz gt A7 753 AFolnh
olgfgt A& nE st AFS 71%H 54l o

_—

549 $4£98 setste A g Fas
(Cardello et al., 2007; Dauda and Lee, 2015; Eggers
et al., 2016; Head and Ziolkowski, 2012). w2}
B ATOINE AL 7|8 AFe] AAH 8o
o FFL IAE £4S Fotuy] 918 A2
E $4E B Lulde] APEE RS
%!

AZAE BAS 98 Z2HAe 245

I

ATA D A AR FHOE AEAFH
A NS WA, AL 78 AE £4 3

Al 7]&3} #do] =2 Al £47 Al 7|&7} #-o|
e HIAI £4 02 FESHAT o= AHA)
7} AL 718F AFS B8l A A R AR
AT AlS 1H 3t Q1A E(recognition), 55
& (learning ability), 4 &= (accuracy) 5 Al 714 &
Al £A410 7 XA, F2 7] (main function),
¢4 4 (connectivity), & 2+ (compatibility) 5 Al
7HAE HIAL 402 HAAs AT vpAe g
R MEASAE S 53l =Etdon,
YZARAZE &4 U 59 zbolE olalslr] 8ol
SI=E AT < 2>= B AollA A3
Al 7|8k AF9 &4 9 EAFES AAS

AT

(F 2) Attributes of Al-enabled Product

and Levels
Attributes Attribute levels
Recognition High | Moderate Low
Learning ability High Moderate
Accuracy High | Moderate Low
Main function 15 10 5
Connectivity 15,000 10,000 5,000

Compatibility High Moderate
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(& 3) Conjoint Profiles used in the Study

Profile Recognition |Learning Ability Accuracy Main Function | Connectivity | Compatibility
1 High Equipped High 5 5,000 High
2 Low Equipped Low 15 5,000 High
3 Low Not Equipped | Low 5 5,000 High
4 High Not Equipped | Low 10 15,000 High
5 Moderate Not Equipped | High 10 5,000 Moderate
6 Low Not Equipped | Moderate 5 15,000 Moderate
7 Low Not Equipped | Low 5 5,000 Moderate
8 Low Equipped High 15 15,000 Moderate
9 Low Equipped Low 10 5,000 Moderate
10 High Equipped Moderate 5,000 Moderate
11 Moderate Equipped Low 5 15,000 High
12 Moderate Not Equipped | Moderate 15 5,000 High
13 Moderate Equipped Low 5 10,000 Moderate
14 Low Equipped Moderate 10 10,000 High
15 High Not Equipped | Low 15 10,000 Moderate
16 Low Not Equipped | High 5 10,000 High
4.2 AZQIE 24 A1} o T R AL B2 FROIG FE 57
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AZXRNE &4 23 27} Al 79 A
gt 2uA} NS TN 7 83 98 &l
Jom, AH FAEE 27.74% 2 et o
Fo.=2 QA E(2547%), A2 (1423%), T5%
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£ AFS Hey 18t AP A-6E 9
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(E 4) Coefficients and Relative Importance

Total High Construal Level | Low Construal Level
(n = 410) (n = 205) (n = 205)
Construct| Instruments Level : : :
Coefficient Irrffgéi:rllece Coefficient Ij;éi:;‘r’lie Coefficient Irs;éi:;‘r’l"’ce
Low -.603 -.626 -.580
Recognition Moderate .075 25.47% .074 25.45% .076 25.50%
High 528 552 .504
AI Leal.'n.ing Not E(.]uipped -.282 12.49% -.304 12.98% -.259 12.00%
attributes|  Ability Equipped 282 304 259
Low -715 -.753 -.676
Accuracy Moderate 299 27.74% 324 27.88% 275 27.60%
High 415 429 402
5 -.037 -.055 -.018
Main Function 10 -.021 12.43% -.010 12.03% -.031 12.83%
15 .057 .065 .049
Non-Al 5,000 -.124 -.124 -.125
attributes | Connectivity 10,000 -.019 14.23% -.035 14.18% -.003 14.27%
15,000 .143 158 128
Moderate -.051 -.053 -.050
Compatibility - 7.64% 7.48% 7.79%
High .051 .053 .050
Model Fit Pearson’s R 930 .931: .927:
Kendall’s tau 776 .810 793
p < .05, "p < 0L
38) A (Alexander et al., 2008; Ho et al., 2015; 4.2.2 ZAZQAE BEMS 0|25 AR MEF
Shen and Chiou, 2010)2} 22] Al Aol thek 8 Ueos AXRNE #4E 53 =249 &4
Ao mE Aol7h A YehA] & olfroll= ToE s AEs WEE iste] P8
AL 715k AlFo] AFFEF7] & =471 A% (cluster analysis)s &3 A4S Ure AFHE Al
7] Atolell allFsl7] woll =8 Al &gk 2}o] ¥ 3}(ex-post segmentation) S AHE-3FTE W
7b 2A vdehA 7] gl Ao AddE, AN SEHAR] &40 Ui FoE @S 7%
ol FF Al 7|uk AlFe] F=7d 2 7 delez FYstad, HiAIZH T/ T
& 8 A Hg A7 oA e S e K-Means Cluster 413 218t S 2 ¢] ¢
S AL <F 4>E AHIATF A5 e Al V) e 2 i TS =ESth
BE AFol et £ 7 £A ol g B2 7ol AlE A1 SOl RIS & A1
7HA, 28 Al s EE AA EE, 98 Al £33 AL £S5 THH o2 FAS= o

2O E ), sl dFF D)ol wet 7
Fate] JER T Sith

308 A A1Z9 41.0%Z A8k . o]
Aol 32 A ZF T compromise-seeking) ©- 2
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(E b) Coefficients and Relative Importance by Segment

F2715(15.51%), 3H552(11.09%),
o £49 JdF FE7F Y
A& F38k de FFEE U
M—% AR, Ao E &4 FFo
7S A B7vshs

Aoz v

B 93 9o Fas5e A

=TE 2 VHE
t}. ol& AlF
3] 2 7H(feature fatigue)S W 73HAl A2+
0 2 A|Fo] ALE

ol dal #3872 HJrigte As

_4 oo 7]

A8 L—]o]ﬁ

o= H

=0 Brhske

e %ol

oheFskaL

Segment 1 Segment 2 Segment 3
(Accuracy seeking) | (Recognition seeking) | (Compromise seeking)
Construct | Instruments Level (n = 92, 22.4%) (m = 150, 36.6%) (n = 168, 41.0%)
Coefficient Relative Coefficient Relative Coefficient Relative
Importance Importance Importance
Low -.595 -1.074 -.188
Recognition | Moderate 157 18.77% 174 34.94% -.059 20.69%
High 438 .900 246
Not
Learni . -.205 -.496 -.133
Al s | Equipped 7.91% 16.87% 11.09%
attributes Y [ Equipped 205 496 133
Low -1.670 -.587 -.305
Accuracy Moderate 793 43.15% 237 19.31% .084 26.83%
High .877 .350 221
Sum of importance 69.83% 71.12% 58.61%
5 -.037 -.135 .051
Main Function 10 -.049 10.06% -018 10.44% -.007 15.51%
15 .086 153 -.044
5,000 -.088 -.179 -.096
Non-Al ..
. Connectivity 10,000 -.287 12.64% 117 11.70% .007 16.80%
attributes
15,000 375 .062 .089
o Moderate -.118 -.011 -.070
Compatibility - 6.47% 6.75% 9.07%
High 118 .011 .070
Sum of importance 30.17% 28.88% 41.39%
) Pearson’s R 961" 935" 800"
Model Fit e P -
Kendall’s tau .856 732 .622
p < .05, "p < 0L
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AN RH2 B
of B @ch(Thompson ef al, 2008). A= FFPTE Uy FoEsL ek ol & ue e ¥
A= (41.15%), AAE18.77%), AA4(13.64%), Ao va] & £59 AXES ¢ =4 H7}
F2715(10.06%), St552(7.91%), 53+4(6.47%) st AoZ YEFYTHE = 107.260, p < .01). =,
Lo £49) /\H;H;G Z a5 7} et} o]r,q] oL 9AZ ) 3t iAo M = ME
o= RS 0E F Ao vs 2 2 ARl @ 4 dg
o s v =/ Wrlshs AeE YEThE
= 70255, p < Ol). &, °]52 Aol gt vz 4.2.3 M Zct ¢ Q7EANM EM H|I
ol 7Y e AR ARG % % Uk BEYH 7 AR ARl &8 BEEY ATEAZ
o= STV AL MY AE S Bl SHS AvRoTH AR AP 54 FA
4 2% £AE 2AY, AL AFE T 5 Y2 A0 Busle] wARLAS AN
Z7dl va) MAl 40 DI AUH FRE O <E & AR AW ¥ ATEAH E4L 1)
£ #A Wkl Qloks AHolA] £ A7 7 e wWg AHE AASkL ATk Al 7|9 AlFel] it
< 24 58 287 vt Adsinh AWM = 3.624) 3 T2 A2 M = 2.963), A4l

QAAE ZTATL 045 (34.94%), ATFE dEM = 3267)2 B £ LH(mean-split) 3+ 3
(19.31%), 558 (16.87%), A2 (11.70%), F THEG =2 HES A (high)oll, B ARG
2715(1044%), 334(6.75%) o2 &4 A 2o TS 39 (low) 2 EF3IATH
(E 6) Characteristics Across the Three Segments

Segment 1 Segment 2 Segment 3
(Accuracy seeking) |(Recognition seeking) [(Compromise seeking) e
m =92, 22.4%) (n = 150, 36.6%) (n = 168, 41.0%)
Frequency | Percent |Frequency| Percent |Frequency| Percent
Male 34 37.0% 77 51.3% 91 54.2% *
Gender 7.448
Female 58 63.0% 73 48.7% 77 45.8%
20s 45 48.9% 82 54.7% 79 47.0%
Age 1.936
30s 47 51.1% 68 45.3% 89 53.0%
Less 1,000 3 33% 7 4.7% 9 5.4%
I 1,000~2,000 19 20.7% 17 11.3% 24 14.3%
neome 15 000~3,000 36 39.1% 40 26.7% 34 202% | 20.046"
(unit: ¥1,000)
3,000~4,000 16 17.4% 28 18.7% 36 21.4%
More 4,000 18 19.6% 58 38.7% 65 38.7%
Use Yes 42 45.7% 96 64.0% 88 52.4% 8.625"

Experience No 50 54.3% 54 36.0% 80 47.6% '

High 51 55.4% 61 40.7% 67 39.9% *

Al Interest 6.707

Low 41 44.6% 89 59.3% 101 60.1%

Subjective High 51 55.4% 57 38.0% 63 37.5% 920"

Knowledge Low 41 44.6% 93 62.0% 105 62.5% '

. High 59 64.1% 70 46.7% 81 48.2% *
Innovativeness 7.990
Low 33 35.9% 80 53.3% 87 51.8%

‘p < .05 "p< 0L
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U TRk 21 FARIE AN PSolE et

o thal EHEgIT 1 A3, 2EAks Al 49 1, B AFE0] Al 7|6 Al ES gk A -
Ao} AN ES SgeEdl vl iAo 2 o7} 91 AEE Al $49] Fo4S B
ol Fast Adstes Ao g et os 4 FEoE A7giths Aol o] Al 7|WF AlFol
2019. 8. 121



k>

A4

=}

o o
FUHR-E2H

(& 7) Market Segmentation for Al-enabled Product Features

Segment Gender Age (unizcg,lgOO) Experience Innovativeness Type
Accuracy seeking Female | Similar | 2,000~3,000 Non-experienced High Early adopter
Recognition seeking | Similar 20 More 4,000 Experienced Low Early majority
Compromise seeking| Male 30 More 4,000 | A few experienced Middle Late majority
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An Influence of Artificial Intelligence Attributes on the
Adoption Level of Artificial Intelligence-Enabled Products
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Abstract

Recently, artificial intelligence (AI)-enabled products and services such as smartphones, smart
speakers, chatbots are being released due to advances in AI technology. Thus researchers making ef-
fort to reveal that consumers’ intention to adopt Al-enabled products. Yet, little is known about the
intended adoption of Al-enabled products. Because most of studies has been not consideredthe per-
ceived utility value of consumers for each attribute by classified based on the characteristics of Al-en-
abled products. Therefore, the purpose of this study is to investigate the difference in importance be-
tween attributes that affect the intention to adopt of Al-enabled products. For this, first, identified and
classified the attributes of Al-enabled products based on IS Success Model of DeLone and McLean.
Second, measured the utility value of each attribute on the adoption of Al-enabled products through
conjoint analysis. And we employed construal level theory to see whether there are differences in the
relative importance of Al-enabled products attributes depending on the temporal distance. Third, we
segmented the market based on the utility value of each respondent through cluster analysis and tried
to understand the characteristics and needs of consumers in each segment market. We expect to pro-
vide theoretical implications for conceptually structured attributes and factors of Al-enabled products
and practical implications for how development efforts of Al-enabled products are needed to reach
consumers need for each segment.

Keywords: AI-Enabled Products, Consumer Preference, IS Success Model, Construal Level
Theory, Conjoint Analysis
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