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Emotion Recognition based on Tracking Facial Keypoints
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ABSTRACT

Understanding and classification of the human’s emotion play an important tasks in interacting with human and

machine communication systems. This paper proposes a novel emotion recognition method by extracting facial

keypoints, which is able to understand and classify the human emotion, using active Appearance Model and the

proposed classification model of the facial features. The existing appearance model scheme takes an expression of

variations, which is calculated by the proposed classification model according to the change of human facial

expression. The proposed method classifies four basic emotions (normal, happy, sad and angry). To evaluate the

performance of the proposed method, we assess the ratio of success with common datasets, and we achieve the best

93% accuracy, average 82.2% in facial emotion recognition. The results show that the proposed method effectively

performed well over the emotion recognition, compared to the existing schemes.

Key Words : Facial Emotion Recognition, Active Appearance Model, Facial Keypoints, Facial Feature Tracking,

Emotion Classification Model
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Fig. 1. Diagram of the proposed recognition system.
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Fig. 2. Number of Facial Landmark.

Table 1. Landmark Variation for Facial Emotion
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Table 2. Emotion Recognition Rate among Different Facial
Emotion
Emotion | Happy Sad Angry Normal
Happy 82% 3% 57% 72%
Sad 3% 75% 68% 15%
Angry 57% 68% 81% 26%
Normal 72% 15% 26% 80%
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