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In this paper, we propose a classification method for radar signals depending on the type of threat by applying machine learning

to parameter data of radar signals . Currently, the army uses a library of mapping relations between the parameters and the types of

threat to recognize threat signals. This approach has certain limitations when classifying signals and recognizing new types of threat

or types of threat that do not exist in the current libraries. In this paper, we propose an automatic radar signal classification method

depending on the type of threat that uses only parameter data without a library. A convolutional neural network is used as the classifier

and machine learning is applied to train the classifier. The proposed method does not use a library, and hence, can classify threat signals

that are new or do not exist in the current library.
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1" convolution layer 2™ convolution layer 3" convolution layer Fully connected layer
Filter size Filter number Filter size Filter number Filter size Filter number Ist layer 2nd layer
[3:2:9] 16 [3:2:9] 32 [3:2:9] 64 100 50
3 [8:8:64] 7 [8:8:64] 9 [8:8:64] 100 50
3 16 7 56 9 56 [50:50:400] [50:50:400]
3 16 7 56 9 56 350 150
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