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Abstract In a modern society, people are concerned seriously about their travel destinations depending on time, economic problem. In
this paper, we propose an non-hierarchical clustering based hybrid recommendation using context knowledge. The proposed method is
personalized way of recommended knowledge about preferred travel places according to the user’s location, place, and weather. Based
on 14 attributes from the data collected through the survey, users with similar characteristics are grouped using a non-hierarchical
clustering based hybrid recommendation. This makes more accurate recommendation by weighting implicit and explicit data. The users
can be recommended a preferred travel destination without spending unnecessary time. The performance evaluation uses accuracy, recall,

F-measure. The evaluation result was shown 0.636 accuracy, 0.723 recall, and 0.676 F-measure.
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Fig. 1. Clustering using K-means Algorithm
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Religion 1 1 1 4 4 3= RS YA THENY 2 kgks 52 A
History 1 2 1 3 5 =lad0 o o
S BHe A} _;Lo 1}
Trandition ] 5 5 3 1 3= o tlolee] =27t 7 ddskAl et
Experience | 4 3 3 2 4 7t #3119 FAHL YA Hulel FEAITL| wE
Learning 2 2 2 3 1 ATT Mo HHFo =2 FA%t) Table 32 AREAM9]
Industry 1 2 2 3 1 Aec =2 Az= ul o h
Culture 1 2 3 ; 2 Mes +3 ZA3E yeRhdth Table 39 Clusters
Art 5 | 3] 5| 2 2 0~471A1 ] 5709 FHOoE FAHY valuese 72 TF
Play 5 4 5 4 4 o] HERS Yt #ES B8l 4 XS0l A
Nature 2 5 3 5 5 -
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Camping 1 1 3 2 4
Shopping 3 4 4 4 4 .
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Industry 211 1 217 | 263 | 3.05 | 3.32
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User Nature 433 | 3.00 | 349 | 471 | 3.76
. ut | u2 | u3 | u4 | - |ul10 sports 246 | 453 | 308 | 287 | 358
Attribute -
Healing 349 | 398 | 368 | 4.14 | 3.80
Tumaround |7 | 5 | 2 | g | | 1 Camping 214 | 432 | 303 | 2.76 | 3.00
Cosls 20 450 1375 1220 | 200 Shopping 2.36 | 312 | 407 | 300 | 369
- 2hours 479 | 394 | 365 | 433 | 3.17
Companion | 2 | 8 | 7 | 4 |« | 7 4hours 339 | 344 | 406 | 427 | 450
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6hours over 207 | 228 | 219 | 167 | 161
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