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Implementation of Character Floating Hologram by Age
and Gender Recognitions using Depth Images

Kyoojin Oht Soon-Kak Kwon''

ABSTRACT

In this paper, we propose a character floating hologram system using the user’s gender and age. The

proposed system recognizes the gender and age of the user through depth images and color images.

The depth images are used to find and normalize facial position. Next, by using facial color images,
the age and gender are estimated through an verified database-based model of CNN. Finally, the estimated
age and gender are expressed to a character for the floating hologram. The proposed system can be

used in a variety of areas, including marketing, advertising, and exhibition events using gender or age.

Key words: Age Recognition, Gender Recognition, Floating Hologram
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Fig. 3. K—pop hologram concert of ‘PSY’,
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Table 1, The result of age and gender estimation using

CNN

Target Actual value Estimation value
Age Gender Age Gender

1 26 male 28 male
2 17 male 19 female
3 23 female 22 female
4 31 male 31 male
5 22 female 22 male
6 44 female 40 female
7 29 male 28 male
8 20 female 20 male
9 34 male 36 male
10 72 female 75 female

Table 2. Error of estimating age and gender

Category | Accuracy of age | Accuracy of gender
male 1.8 0.15
female 2.7 0.2
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