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(& #bH
I. A& V. AT7EEe g3 AF
. o]24 w7 4.1 "lole 5
2.1 B 7HE A E 42 G2E wlolds o] 83 &4 F=
2.2 oA 7HE A 43 H=EF £4 =
2.3 RBM<= ©]83 FHA|2-H) 44 H-Ex S48 £ &
M d7=3 45 T gE 4
3.1 "oy 3 V. 747 9 S AFA|
32 H|2E nlo|d& o] 83 £ = FuEd
3.3 O A A <Abstract>
.M 2 Kim, 2016). &B|IAFES A2le] sghel| l)

24< elA erow, 4Eol ek A4 34
IT 719) Bol) we} NS Ay Ot AT A% E
AlOlELE B2, SNS B9 ofe] fae) eap HER IUSE A, AL

A= 5
o] ZTPELS K3 AFEL ThilalAL TLujsic) &k o|H| A7} I E Abo]e] oAt ol A
ZHIRRE AE P A eElol ZTHPEL og A A oA B2 s Be As
sto] AZo] HlEEE molsla BB 3ele 7 a1 Qlc(Blazevic et al., 2013). WA &
E5 ARE AS 4 glon aH|zlA HE HIZES 5ol thd ARdle] Aolu oS
ol e AES 28 4+ Aoksalera g AT £ ARE olgsjel Fhka

* o] =2 2016 S WSFe} e AFAITe] AU wrol aE A9
(NRF-2016S1A3A2925146)
*x BAM St 4 FEe, kaispaper@gmail.com(FA AN
*x A gt SR Y3k}, nhchung@khu.ac.kr
wxkx Bk sky 7498k} hongth@pusan.ac.kr(al A4 2h
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(Maslowska et al., 2017), Th2 &2BIAFES]

Fl U oA e 9FEL E 5 3

£

221 ke FHAFRIL Fuj AR
I QAL = FEFS HA=AE HAEshe
AFAHEE, dH3], 2017)9 FHE &3
FHAZE AFE0] JPHT ok 283
O)E0) A 2Ee ARGALS] AT ES
FE37] 918 HHS &8I Chen et al.,
2015). B2 A=A Hlo|E 2 AR AT
S5 YehARE LA AR AEeE
Hlgsh= A 08 Bl o]HTHZhang et al.,
2014). webA] ARSARY] I 9l BRkS AR E
gotgt = = 2l HolHE 85t 34
A 2Elo] 7§tE] 3 9] o™ (Chen et al., 2015),
olgg i A #Hd 1A HMse
g Azke] i A 5 e ARE A
Romg FHA A Z-gatr]o] {83t
THHEA 5, 2013; AW=34 FAH, 2015).
a e A g F4, M 22

& TAZH BRE 2]

—_

B d7e 22kl R dEe £4E
FEIHL, e SRR = ARE Algst
.

2} gt} a8 ged 1HE E8sle] A

I. OlEX iZE
2.2 2|7 7]gt FHAAH

AREAF A4 2] user-generated review)<
o] ik AR g o)Hs HESAY T
g & e F8% iAot Guy et al,
2017). AR8ARE ol2|d Y RE B3l AR AY
oju} 7], Ee] B E BRES o] ol ti
FHFTHChen et al., 2015). ©]#3F FHE= A
F oA ARgAES] e 24 F wjE
FoH F3F @clow PAAKARE T,
2011). HZoE BlRY 84S vigo R A
St A g R RS &89 R 7N
FHANzElo] = dtiChen et al,
2015). BlH= AlEA =2 dE B AR g
ARgALS] WZVe AAISHAl EFFet] FHA
dHo| 83 4 JomHyay ddF,
2015), A 2o A 83 A9, AdFel o

A

& WY AT 9 2 B AL )

& <= QltKChen et al., 2015).

g 2E ol 2 gFE &85 Ao &
A3}t Hariri et al.(2011)-2 tripadvisor.com 2.
25 $H9 gRE T35t LDAE 483t
o ¥ By 9 7|9 EE FEH HRE
FE o8 §3& FEt A, 29 H-E

of|=3}31 K-NN(K-Nearest Neighbors)ell #-&
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F YZEF AL

53l Top-N&| 7
A 2H o] P

o] dH A& FRlak3th Zhang et al.(2013)

2 Youku.com3} Amazon.comel 4]

ShsIgom, eRe) A

g 24 HlolEE

o|RE]Z

Ve FEA PR B, #HE 2R

st 54 B 5 2l thske] 22 13

19 BHE Rolsel 7by %
g WAL o YUBEY

4 FHE 7,

onl, Aol TR AL BlEKITh AN

ARN=E H

& QFEH(2015) ~TIE.

2] ool thsie

B S F718 HEAS B FasE0

o 4 ©|o]E]E TF-IDFd] &8st g BE

o fAES

Asteh B3 3 AR AR
ARE BT Heslel YR

a

SLEE

o, 252 FALEHol visl 7idE s

2 el A4S sIss

<E 1> 2IF 7|8t

gL ol&3 2Rl i 7Idk BEgE 2 By

2.2 CHE4 7|8 SRAAH

W
O:
o

o= F4, 714, Aulx 53 22 dE
JHL o]5 P 7ol &A%
3 olH3 71ES B AMEAte] s
b ﬁlﬂﬁ‘ﬂ?@ﬂr kA, 2018).

b
>

Mo b
HJ
o o
}..

i\
ol
ok

o

o
1o

1

o,

%3
N

:

g
N
FE
Lﬁ
45
o

o,
Ay
r]I.

O

&2 043 é‘é°ﬂ

e AR} A AR AlFet WA A

2 ol 87 FUN T o] AGAZAA £
§8 4FEL ol 40T A= A2 2w

2 I Adomavicius and Kwon, 2007). ‘3%
o] &4 Bt ARE FE&F By, ARAPH

=

FEE Fokhs FAAR ol E et
ATHTA Y A, 2018). 12|31 Aol
ARl TRk AR E FHSA &Eo] 73l

(Adomavicius and kwon, 2007), 3 A8 =&
N Utk =S FE] ST At

Bl

A2g) o7

=
L

o7

H|0[E]

Hariri et al.(2011)

=& 2& Holy

LDA
K-NN(UBCF, IBCF)

Zhang et al.(2013)

%3 vito] Aol=9)
23 wlolE]

Sentiment Analysis
K-NN(UBCF, IBCF)
Matrix Factorization

25 5(2015)

34, @ ElolH

L 2-mtEESY #¥ TF-IDF
A= Sk (2019) S @%Hﬂlolﬂ K-NN(UBCF)
AAIA ApolE2 LDA

SVR(Support Vector Regression)

Siering et al.(2018)

FEAF 7} 2 ElolH

Sentiment Analysis

NN(Neural Network)
NB(Naive Bayes)
SVM(Support Vector Machine)
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=
T

AEst FH HRE AREA A AT
THNilashi et al., 2015).
Yang et al.(2016)2 g3l tigt 2H

7] H|°]E]Z Matrix Factorization ]S

32

=i}
=

2 ERste] AEAS s, £498 bt
Bog ARA dEsu
HBHE &5 AP ol& &
o) JlojA a0l 93k
%} Son and Kim(2017)2 < d
HHE ol g3t A VIESZE AR 2

%

22| thate] ASwr} Holt A& selst
Stk thite] 248 TEeh FAA2E AT
So] 7|29 FHA 2B A3To H]Ele] &
A48 A9E YehE 2S F81990h

2.3 RBMZ 0|88t FHA|AH

RBM(Restricted Boltzmann Machines)= 3}
el ST} shte] oo TR B

71Hke] BIA = &5 (unsupervised learning)
ot} %7]¢] RBMS DBN(Deep Belief
Networks)oll A 7152 =4S el AH831IA)
T, FARRI R wgrol A T3}l
Ash= Aol ZEste] HAZol= 7IAIsE7]
o 7, FHUZHTP SolA AREEHI A
(Zhang et al., 2018).

RBM< 7}A|&(visible layer)3}
(hidden layer)©] 271¢] So= 4%
H, Zt 5 WHHo2s AdsoJA] &
E7o] ItiTeh and Hinton, 2001). WA
RBMO| E¥3te Fo| 94 ol ue} 22t
Atk <Y 1>& RBMY] T25 5235}
el 2102 He 24939 =B 9r|sa,
V& 7HEY =EE ofu]git

RBMS HEE 3] 7153l (Zhang
et al., 2018), RBMS ©|83}y HAIEHH S
TPL 9ol dlolE] 3]¥/d(data sparsity)
FAIE WdskaL A& 07 Sgs st
T AYEE FINE 5 Atk E=F AR

A7k B ] e

9
B

Z A2 0
o—ﬂé‘é‘

=]

&2

%2 59 B4 o)

<E 2> CI&Y 7|k FHAIAH o7

b Ele]1=] ok
Adomavicius and Kwon o

(2007) 43} P4 dolg K-NN (UBCF, IBCF)

Nilashi et al. (2015) 59 34 dlo|H

Principal Component Analysis
Expectation Maximization

Adaptive Neuro-Fuzzy Inference System

g3} 5

Yang et al.(2016) B 2 oy

LDA
Matrix Factorization

Son and Kim (2017) [z HH vlol"

CBF-MN (Content-based filterling - Multiattribute network)

B g ]
B AE dold

TR kA (2018)

K-NN
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olHE AAHOoE AFEE 4 Atk
RBM% o] 83 AUIH P ARSASF
2x(user-item matrix)E
HAL 1914 K o] 9= 7=,
0oz WE}”JWGEOI’QIEV and Nakow,
2013). 7S V= A o B o= 54
H AZEW(softmax) S AHE-Ste] mdE
< sk, 293 HEE AAZ = %Z:i‘ﬂﬁ}
agjar 7pA el gk RS e 9
7HEA] 2 HA| sl BEe —%%?‘&E}.
RBM< ©|-&3 HALE Y A<} #dst
o], Salahutdinov et al.(2007)-2> RBM<- ©]-&3}
AP RS Fdsk= ol tigt I7-E A
Qketiom, HolE 3ubA o] EAlE RBM Ui
o2 sfdsks el thall AAsk: 1
21 Netflix HIoJEIS 5 28 HZ5S *83
skom, SVDE ©]83F 2ol nlsl
AIE YERllE AS Z2lstth  Georgiev
and Nakow(2013)= 93} H°|E]2} RBM< ©]
83t F 47179 BYE ARbsISth AHeAt
7|4k gl olo]dll 7|uk o] &5 E31%} sfo]HE]
FrAH OI% dare]E ofeldll 7]Hke]
2Y& AASt Hla g
< &3 RBM< o]&

50] 93 7

o

E
s

=al
7

s

fo r;'ﬁ _1

095

= 7]H}

o
o\

AC)
I
ofh
Lo
o},
O

ol
o
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32
v
a2
v}
_8,
:q:«
Ry}
vs]
<
filo
9
ofo
=
od ool

3.1 HiolE] =&

‘dlole] 737 HlE 28Rl EFRFo R
B 9] glHE 32935k tolEE 733t
= oty B AFME EiEY gi
tlo]El& o]8-3t7] ¢8| tripadvisor.com =
FE g, v, TRk T HaER 2R
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~ 1. Hof +¥

_ 2. HAE O[S 0|88 4 F=

HAE
Az
a Jat —
P, 20 == b S 2E
L~ oo'i T > (LDA]
£20/H7 £4.5]9|=
/0] (Naming)
e \l/
E =
- +42 RS
. S0iDB =
| S \

> =

b E 0%
%4
28 25

.E.Model CisdE 48 4

4% User-ltem

2 =L 7

R1 Rn
-3 =g ——>( (U] S 4 S o4& FH
> EE 20 uz | 3 “| (KNN, SVD, RBM)
HEEENE

<O 2> gHeldg o[8s 2akel 2lF J|Ut oA FH 2y
S ST, AEUE 4 OB BAS 509 i olelE 285 S48 2ae
skl ol Fdst 1A 2l $% DBE T = @Aleltk A 2l Hlo]ElE LDAY] &
it sjof ABe| 448 22T 4 Uk 2 &
4 vgow dHE 7 S4us vRan
3.2 HHAE Olo|dE 0|88 &M F= g A= HAE A, F EE FF,
S Bl B 9P R T
HAE ool ol 88 44 2F AT Ham Axd BAS Ba) dE dolEs
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M 2B 47 #-bste &4 9 )9
TE FE3t E £4-7199= DBl A%
IR ‘SAE R EF = AE §49-71%
T DB'E vl R AREAL 23 Bl RE &
AHE RSt 8o 7 44 7190t
23 EAES FEIE S % 7
LR YRE ERchke 5484 gF B
2 FldYste] 44448 ElF DB ol AAgh
ot 8|3 AR Bl RERE FE S48
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o
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Ehd
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M
o
R
tn
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=
=

o] A3 AAste], o sfe] Sl ik &
A 23 o] Thssith & Aol 283
ik £ A, F 7R T o
= T 63700 SAxFoE ERT o Stk ©]
A3 i S48 T3 BREE S8 A4S o

&3} 2y,

nq+1102+n03+ """"
+ O*Q—FTLCVH*IJF”CVH é! (1)

n-=mn

n 1 dFE] A A

V. g7=2¥o| Etgd A3

4.1 H|o|g] =&

2 ATolMe d2ER, B#FA ol gk
AR E A F3F= tripadvisor.com AlC]EZEE]
H2EF g5 A=t 283tk =,
Hl=, ek o] FQTA ] 9)X]3F 2,000
Mo H2ERES tdo=E 2004d 62€HE
2018'd 8ol ZHH gl 2l 2 B, 2
297 AR 5 3] F 510,248719) 2
£ $338I ) Tripadvisor.com2] 3-8 57
Ao g FAET) ol2l3 BHL A ANk

Q1 7k UGS WSt 4E] AAH &
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doll thste] RkE: o F- Ato] Thssit) shA]
T 34 332 ‘grey sheep’ A9} Bt A}
2219 AE 3t 9= 2 BulE QAo o}
Ut 8290 s vehfe] 34 8ol
olalA] k= EAIE 7HItKhusro et al.,
2016). webA] B Ao A= 33o] FojH o)
olEl= A8tk =3, 39 2lRE 2Y

o Z-gskr] flal AA #d<= stk
drEd B2 24449 F dwel et X*Xﬂ
d2Ede] Fd di FEg AAY 54
g 7E A Apols e HRE AAs }9‘}

o} wpebA F 510248712 2l dlolEE Ty
o7 AAE 3 A3 F 261,843719] BlHE
Aol &gtk

ARE o] 24 o YL o] JLj Ry} o)A AAL

o O
%E—E‘E—Zr%ﬁodg

K
X
i
e
4>
X0
b

AEE tesil ?*éﬂﬂ(ffﬂl&j, 2015). °]78
2(2013)2 H2ERZS] Hdg £A4& 57HAR
Aol on, ol A, 9L BYrP, <22,
Aqu|z Ao g FAETE Rhee et
al.(2015)2 471A19] &AL AAEFHoH, o]
Sl e R L B o L e
Thi eigick £ A7 23 ATE Fa A
9] H2EF Y £4& F 67HE AT
st AP, BRI, Afmlzy, A A
QIR Z FASIELE el e wk oF TEw
219 d 55 e &7+ A5kA]l
g2Ege] 29712 Yepith Anj2E 2

sle] AhFol} oMIE, oot Al Se] 4
B8 R, T Saolu} Al m
£ 7hAe] Aol T 14 BR
& Rtk 9 Salolt A ol o
3 AT 2 94 AEE ehi, 9 E
dlEae] H24on} 1% AnE vekow
A,

43 HAEY &8 F=

e £ F== flsl By 7Hel
LDAE Z&3IATHYHD &, 2018). LDAE
B3l ] Ao A sk 719E

it

_i[_ »3}09\ i, LDAS E_;;H :rL/K-]b‘;_]— d:/\-l(E.:J)

o) /i K& A8k flskd S =s Akast
o —i%*é(EJJ)A NrE 20070 AT
09 3> *u 7HT 4, EREE Ve

20071 ool e, EX= O STFRE A
< gRlskTh

&Y wdys nigo g Y EYES A
A A1 gojol] et Bxg FAHCTKSh et al.,
2016). Shi et al.(2016)2 5071 E o) thsj
8 A9] 57)9] 719=E =3 o]
o} Zo] B AT A= 200712 &/3(EH)e
tiste] A9 570 19 ES FEa1T) 23
&4 9 719E8 nigo g £448 BHAS A
@315 ‘24719 W3l naming)’ 22
HrEge] dge &4 9 7)9s
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HeEE ol&3 29l

719 g 4 2y g

5-fold cross-validation of topic modelling with the 'Associated Press' dataset

(e five different models fit for each candidate number of topics)

Perplexity when fitting the trained model to the hold-out set

1
Candidate number of topics ) .
<3% 3> E=o| iy 3T
<E 3> HY2EY &4 2 7Y=L
& 7l9=
<2(food) sauce, pasta, meatball, veal, chicken
712 (price) price, reasonable, fair, good, quality
<21/ A1H) 2x(food/service) good, food, service, choice, nice
18] 2x(service) quick, service, friendly, fast, bite
$]A¥(cleanliness) floor, restaurant, clean, door, bathroom
SAEATNA B 2 . .
. excellent, service, food, superb, ambience
(food, atmosphere, service)
$ A (location) street, walk, easy, station, find

wine, bottle, glass, euro, bill®] 7|¥==2
HoIE A%, ol ThAI A £ e
Aoz AH FPssitt A Agole b
A S BE TIEE AFT R

ol e A9 A% A8 ow,

oo ox

» JE

g vjgos 2R

ge] ojmje} dAJek= 7191
st} webA wine, bottle. glass 719 EE S

2P &g o g BEsh euro, bill 719E= 7}
Z &xdog BE JPssit) vkl 23 44
o] 71917t 7189 Aoz £43 A=
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e 7ol Y S48 Al9lslar ARg3i)
wEbd B AFo)AE F 200709 £A(ED)
AN 177702 SA(EZ)S AAste] 8319
o Hlsme] S4(E) 9 71950 4o
3k A= <3>3 ok

44 HAEY aN¥ 23 22

dloate) 6717 S430) kol 7 44

2 f\l%x} PRE BRet 29 2Re 9
=

reasonable 719¥1=7} =3k glRo 24 7}
2 S0 i Bl RE
2 93 &

AEE FF

o} %E}.

<E 5> shie] BliE &4

spole}. sl el 2H4x
A gu} 917, Aol 2
3 QA% 9 712 Jns

2 ettt webA wlsEe] 6714 44
Wow e BRY
e Aelsia

ol thal Ak

<o)
=1

BRE A

ERCES

A2z,

L%%7]!
TV, 91

2

636&1:}. 261,84370¢) AA &

ET’E‘ E] a‘rrA = <X 4>
92 2592
g 2

sl 42

=4 2217] M| A 7tA 2|4 I
(food) (atmosphere) (service) (price) (cleanliness) (location)
256,399 141,388 215,632 90,604 41,687 133,896

Z Ko Al)

A 2|7 =N 25 2F
=2 excellent food and service.
(food) Typical French cooking.
9171
(atmosphere)
Very small bistro nearb_y my h(?tel. AqH| 2~ excellent food and service. The owner is the host
excellent foo_d and service. T_yplcal (service) and is very attentive to his guests.
French cooking. The owner is the
host and is very attentive to his 7 }231 Prices are reasonable.
guests. Prices are reasonable. (price)
R
(cleanliness)
A .
(location) Very small bistro nearby my hotel.
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t}. tripadvisor.com-= #2~E7ke] HukzQl 3 sparsity) A& 7FAAl " tHAdomavicius and
A ARE ARG grEFe] LAF0] & Tuzhilin, 2005). wetA] & AFolM= Ad 74
2 g 7HA 9 2o $4 AR AEEA] e ST SES ol FE T £4 °ﬂ s
ol webs] B ATexds S48 B TS A APE APk F 63719 £4 FollA]
e, 2 2] 28 S48 e R £4 18719] &4 23S ol st e —’FEE =15
3 Gl el s 2l Foid T HHS ok 33 o] 7hed 4 9 438 tolE]
oAk S 501, <& 5> AHAPL o] = <3 6>3 £k

2Edo| g HHoZ 488 HostgTh

Rl P B E D A

8%

<E 6> 2AER MY Holg 22F

o>

o= Hrlstal BAS Fosivta a9 DY Clole] 744
Aet. wEbA B AT AREAR] Bl & 52 14,831
=3 S e ol 83t OEAE PR 2971, &4 6,426
Zg FHaA Firh B AT AE 6714 <] =4, 917 7,036
dEd S AMslon, & 63719 £ =4, 7HA 3,560
e BEsIT) =2, ARl 26,345
% 63714 &AoNA ‘su,zly]w%@w% =971, =4, 9A 4,013
A+ VA AT AT A e )] =971, =2, ARl 28,910
O L A e o
A= S F 6UNE TAFU 5 261,843 o e =
* * 971, A4, =4, Al 4,701
Mol gRHlA 261,036719] BRIV SAER By oA 9] Al 34,248
ERENH oAue SHovs TRHA & o] oA JbA AH| 14,338
< HRe & 80712 TAEAC kAT 6170 S 22, 91K, el 3,593
£4E Ao 261,03670] HHE =R &4, 9, 744, AElz 13,123
A, 2 SRR 248 gHe = F o =971 914, =2, 1A, AE 8,926
Ak 7V B BHE TAE $4E B 7, A, &4, 7HA, e | 2965
TP+ S g Y AR 2 X O 34,248 971, &4, A, 7, Arl 22,867
Wk EANGCR, Spsbars pelspy LI E I T AR | 81T

A+ A &40l Ao 27)9] BlRE

A He 2o FlBE TAE= S sols) B AFollA At B8] AHE FRIst
Qu} lH2) Ao Ao Ao AT 7] f18ted & BA lelHE o83 Ry 9
Z=o)) HI5He] ALEAY} Tl D o)L AFE o 7 SAHE BRSE 28 vlw 2 B
227} w9 Aol AFEol] tlgh B7t AR} vl o} ) Aol kA -l gk A3t 2+

Ao AL oulsi= dlolE] IuM(data | He T
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Held 719e] RBM&
E(learning rate) ¥ °llZ(epoch), =<3
E 4 Fol thal afetE skt st
FES 0012 Ao, =2 100004
1000 Atele] gre g A4Skt 18|l &4
9] =& 4= 200, 400, 600, 800, 1000°.=
T4 2 A78st, o stetrgol tig sk
< B3l HZe gergE A8t 1eja
=& AHE vehile FebrlE gk AAsk
—"F%_% TR
TolA+= RMSE(Root Mean Square
Error), MAE(Mean  Absolute  Error),
MAPE(Mean Absolute Percent Error) A&EZE
ol-gst RO AHee WISkt RMSE,
MAE, MAPE= o= %3] F8ts H7FE 9
& A&-3HKShani and Gunawardana, 2011).
RMSEE 239 4% 34 A% &% 54
Z T o] (Chai and Draxler, 2014), AA H
I oS HA Afole] zpolo iRt Ht&

Hgapy) g8l s
oy .2_4 *

o
s A4

[
1_

OE

E'E,‘H

MAPE = 100 x %Zl—yi_yil

i=1 i

y;: AA A

y: A% HH
E A= K-NN(K-Nearest  Neighbors),
SVD(Singular Value Decomposition),

RBM(Restricted Boltzmann Machines)2] 37}

2 =2 7ML o]8ste] AFHS

43S JPskth

<E7>& A 7ol mE Ay Ane, B4
FollAle 44 23l thale] A3} waE 2
Pahm AL 57 A3 &4 20 Bg

o
=

B
(2
9#
38R
ﬁlZ _ﬂ Mo ox %

33 5742 s 3HHCremonesi et al., 2010). < 759] A AT B3 B A4 A
MAE 3 28 D71l 85 AIEE i magel 2 1uel Wk e 4
=24 WH O =(Chai and Draxler, 2014), 4] = Hol: e sholstelth shxjEk B o)
‘%1;1(51137’]' dﬂ?‘% lJéix\:-r] A]'O]‘/] X]-Oﬂ q]\.. %%‘4 /‘i X‘]]OI‘TS‘]—-L—‘- U‘G:]o] _1 /D 7]% %]—%.‘61— ]
R4 1. -0
= 2o
AY] 225 S HHerlcker et al., 2004). © Ao] Wold AL HolFHTh = HHS
vjz]uko 2 MAPE(Mean Absolute Percentage o] 85k =S K-NNol| H]3] SVD o] & Bl
O U -0 - -0
Eront HHES LA WA FUHE o) w1 el e &
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<Abstract>

Developing the online reviews based recommender models
for multi-attributes using deep leaming

Lee, Ryun-Kyoung - Chung, Namho - Hong, Taeho

Purpose

The purpose of this study is to deduct the factors for explaining the economic behavior of an
Internet user who provides personal information notwithstanding the concern about an invasion of
privacy based on the Information Privacy Calculus Theory and Communication Privacy

Management Theory.

Design/methodology/approach
This study made a design of the research model by integrating the factors deducted from the
computation theory of information privacy with the factors deducted from the management theory

of communication privacy on the basis of the Dual-Process Theory.

Findings

According to the empirical analysis result, this study confirmed that the Privacy Concern about
forms through the Perceived Privacy Risk derived from the Disposition to value Privacy. In addition,
this study confirmed that the behavior of an Internet user involved in personal information offering

occurs due to the Perceived Benefits contradicting the Privacy Concern.

Keyword: Dual-Process Theory, Communication Privacy Management Theory, Privacy Calculus

Theory, Privacy Concern, Privacy Risk, Privacy Control
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