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Abnormal Behavior Pattern Identifications of One-person
Households using Audio, Vision, and Dust Sensors
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ABSTRACT

The number of one person households has grown sfeadily over the recent past and the population of lonely and unnoticed death
are also observed. The phenomenon of one person households has been occurred. In the dark side of society, the remarkable number
of lonely and unnoticed death are reported among different age-groups. We propose an unusual event detection method which may
give a remarkable solution to reduce the number of the death refe for people dying alone and remaining undiscovered for a long
period of time. The unusual event detection method we suggested to identify abnormal user behavior in their lives using vision pattern,
audio patftern, and dust pattern algorithms. Individually proposed pattern algorithms have disadvantages of not being able to detect
when they leave the coverage area. We ufilized a fusion method fo improve the accuracy performance of each pattern algorithm
and evaluated the technique with multiple user behavior patterns in indoor arecs.
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(Figure 4) Flow chart diagram of fusion method
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(Figure 7) One result of noise pattern in an indoor
area
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(Figure 8) One result of conversation audio
identification in an indoor area
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(Figure 9) One result of mixed audio pattern of
a normal daily life in an indoor area
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changing clothes in an indoor area
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(Figure 13) Accuracy performance results of Individual
Pattern Algorithms
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(Figure 14) Recall, precision, accuracy performance
results of the fusion method
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