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Driver-specific technology in the automotive field has been commercialized for vehicle
accessories, driver memory sheets, and side mirrors. In recent years, the demand for
customized technology has expanded to include the user interface of an infotainment
system (Infotainment System) and advanced driver support system (Advanced Driver
Assistance System), and customized technologies for drivers have been studied.
Therefore, this article describes the driver-tailored technology trends being studied in
these fields, and examines the major research issues related to future driver-tailored

technologies in the automotive field.
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Data collection - Data analysis - Statistics

* Anomaly detection * Data cleaning * Analysis of variance
* Association * Quality analysis * Factor analy3|s
* Clustering * Quality of measurement * Time series anaIyS|s
+ Classification * Exploratory—confirmatory * Logistic regression
Smart car * Regression « Stability of results * Bayes classifier
* Summarization * Representation * Support vector machine

Social connectivity based cooperahve semantic interface
Cloud big data 1 |mp’r\ﬂ>c\)/%?rl1 - - Deployment - Modeling

* Monitoring * Model selection * Decision trees
* Performance estimation * Scoring the model * Neural networks(DNN)
* Model tailoring * Interaction with interfaces * Ensemble models ’

Connected

|

* Self optimization * Integration with reporting « Uplift modeling

* Advanced interfaces * Survival analysis
* Extensions * Hypothesis testing
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Mobile devices
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In-vehicle sensor
Interface module

Communication Add-on sensor
interface module interface module

Road info/
obstacle info Road info/ Sensor dala
v obstacle A 4 Fusion
‘ info data
Road info/ Cur. position Cur. position
obstacle info heading heading

Path planning block Path following block

Motor control command

Motor control block
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