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In this paper, we analyze the trends of deep-learning based plant data processing
technologies. In recent years, the deep-learning technology has been widely applied to
various Al tasks, such as vision (image classification, image segmentation, and so on)
and natural language processing because it shows a higher performance on such
tasks. The deep-leaning method is also applied to plant data processing tasks and
shows a significant performance. We analyze and show how the deep-learning method

is applied to plant data processing tasks and related industries,
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This small bird has a pink
breast and crown, and black
primaries and secondaries.

This magnificent fellow is
almost all black with a red
crest, and white cheek patch,

The flower has perals that are  This white and yellow flower
bright pinkish purple with have thin white petals and a
white stigma round yellow stamen
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