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MapReduce-Based Partitioner Big Data Analysis Scheme for
Processing Rate of Log Analysis
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Abstract Owing to the advancement of Internet and smart devices, access to various media such as
social media became easy; thus, a large amount of big data is being produced. Particularly, the
companies that provide various Internet services are analyzing the big data by using the
MapReduce-based big data analysis techniques to investigate the customer preferences and patterns and
strengthen the security. However, with MapReduce, when the big data is analyzed by defining the
number of reducer objects generated in the reduce stage as one, the processing rate of big data analysis
decreases. Therefore, in this paper, a MapReduce-based split big data analysis method is proposed to
improve the log analysis processing rate. The proposed method separates the reducer partitioning stage
and the analysis result combining stage and improves the big data processing rate by decreasing the
bottleneck phenomenon by generating the number of reducer objects dynamically.
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ysis using HDFS daemon

delole] £43 913t WelRAo F8 4 ©A
= =go, W, Shuffle and Sort?} A GHAZ
e, WElRAl] A o] £4E wWEH (O
g 3)2 WelFAo] 39 B2 dAS YRt

Shuffle

and Sort FEEE

Driver Map

a7 3. WalFAel Fe SX e

Fig. 3. The process of MapReduce

A78E oot s, sk AF o AlAE] A
AE TtolHE 2ok AddS SR f HAe
TejolHof| gHA=RE Zg HlholE S

A A2E 43431t Shuffle and Sort ©ARE W ©A|
25E A HelHEs ¥y 9 AEe it
gRs e 24 7k 2 24" A bolEE A
gt

2.2 QTR B4

UH A WATL TN ol 24 Tpge
sFESl S 7l Bol SRl WaRAE B8Siol

S o
sug

595

93t IR Tl 2

1l
1=
s
=)
m
HI
1
~
T

dlgiolg] B4E S9sich WElRAl] 7B A4S
g dARIA BhEE gFA AAE T iR A
ogltt. o2 <lal WFAE B3t Hdloly B4
Shuffle and Sort @AIE &5 A== @2 Holg
0] 9] ZFA A FFHeE HolA EHwH,
BE @io] IAYsHA "

o fERA 7EE Blholy B4 7HE YR
A& SN s BE Y2 Aadlele] Hot
HlZ Helo]g] FA4o] 75shof itk

3. HMeret Z& 8inolE 24 7Y

A £ wdols £ FHe g A 8
AR A Aulo] AP WE BPS Haslel
£5 AR AR 7o) SR w4
He eRA AAE fEA0R AR §, ¥4 Ag
o] ol wet Shie] Zwke ARk ARKE w
ofe] £4 7PHe] THL A B B 1A 2
3} g ol

3.1 2F7AM 28 A

2l 22 e fEine] Ve ddE WA
sto] 2lAl AAE o= 7hE A/d5te] Shuffle and
Sort IS B3 ALLE HolHE 24t AT +
A=E At FRA B 9AY g2 fE]l 9
A A A BRA A B4 HdlolEE
TS, A AveE AR
FEAY A AR e A fzlee] 7
e WEe 9 e felnse Ve 4
WA =RlolHeld W7ol Thssin, =1 £4
A ARE AR 20 24 73

(o]
i
N
)
i
]
[
>
N,
1A
i
i
e
32
>
)
oX,
Hr



H96 stEmEmMREMI|2sE=2X H11H M55

1. 20 24 w7Ed Mol 2R AA el
Table 1. The count of reducer object for log analysis
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Job job = new Job():

/1R 1, addr 20 AT 3
logType = getConf(args[2]);
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if (JogType==1)
job.setNumeReduce(getDays();

10| else if (JogType==2)

11| job.setNumeReduce(7);

12| else if (logType==3)

13|  job.setNumeReduce(24);

14

15| //8%A AA 34 &

16| setConf(“logType”, logType)

17
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Fig. 4. The pseudo code of create reduce object for
log analysis types
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27| int setDateReducer(timeStamp){
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30| int setDateReducer(timeStamp){
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Fig. 5. The pseudo code for big data matching
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Table 2. The environment for performance analysis
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