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Analysis Standardization Layout for Efficient Prediction Model
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Abstract The importance of prediction is becoming more emphasized, due to the uncertain business
environment. In order to implement the predictive model, a number of data engineers and scientists are
involved in the project and various prediction ideas are suggested to enhance the model. it takes a long
time to validate the model's accuracy. Also It's hard to redesign and develop the code. In this study,
development method such as Lego is suggested to find the most efficient idea to integrate various
prediction methodologies into one model. This development methodology is possible by setting the same
data layout for the development code for each idea. Therefore, it can be validated by each idea and it is
easy to add and delete ideas as it is developed in Lego form, which can shorten the entire development
process time. Finally, result of test is shown to confirm whether the proposed method is easy to add
and delete ideas.
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Development logic division and logic modification simplification
needed Depending on various industrial adaptive logic
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Fig. 1. Necessity of industrial standardization logic
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Standardization of data layout for industrial adaptive logic
enables work sharing and developing logic efficiently

i Concept Logic  Manger Effect Accuracy Valid

Standardization of data A HK +5% 72% Enable
SELE D c HONG +7% 78% Enable
% L. S
Dim lll g\ " dl -
i Lot BT

a3 2. dlo|ef 2folotr EES}
Fig. 2. Data layout Standardization
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Fig. 4. Time Series Graph
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Table 1. Software Development Process

Process Activities
Establish development proces
Planning s and progress management
plan
Preliminary Data search and Design interf
Design ace and execution structure
Critical Model Design for
Design each step
Implement/Te Implementation and
st Unit/Integration Test
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Clarification of role among team members
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Fig. 7. Parallelization of tasks
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Fig. 8. Independent logic implementation/validation
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Fig. 11. Result of Prediction (Applied #1 logic)
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Fig. 12. Result of Prediction (Appled #2 logic)
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