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Abstract

This paper presents the design and implementation of a deep learning-based automated weed detector on
onion

fields. The system is based on a Convolutional Neural Network that specifically selects proposed regions.
The detector initiates training with a dataset taken from agricultural onion fields, after which candidate
regions with very high probability of suspicion are considered weeds. Non-maximum suppression helps
preserving the less overlapped bounding boxes. The dataset collected from different onion farms is evaluated
with the proposed classifier. Classification accuracy is about 99% for the dataset, indicating the proposed
method’s superior performance with regard to weed detection on the onion fields.
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