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Fast Image Splicing Detection Algorithm
Using Markov Features
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Abstract

Nowadays, image manipulation is enormously popular and easier than ever with tons of convenient images
editing tools. After several simple operations, users can get visually attractive images which easily trick
viewers. In this paper, we propose a fast algorithm which can detect the image splicing using the Markov
features. The proposed algorithm reduces the computational complexity by removing unnecessary Markov
features which are not used in the image splicing detection process. The performance of the proposed algorithm
is evaluated using a famous image splicing dataset which is publicly available. The experimental results show
that the proposed technique outperforms the state-of-the—art splicing detection methods.
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Fig. 1. Markov features extraction framework of method.
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Table 1. Detection accuracy of proposed method.
E 1. MotEl ghHol| 2 HE HET

Proposed method( 7°= 3 ) Proposed method( 7°=4)

Fold P(’)I;?tlieve Ne;ggl}c‘ieve Accuracy P(’)I;?clif/e Ne’:I;;}cieve Accuracy
1 94.16 83.32 83.69 92.70 90.51 91.61
2 96.35 81.75 89.05 91.97 90.51 91.24
3 98.54 78.10 88.32 97.08 88.32 92.70
4 94.89 89.78 92.33 90.51 93.43 91.97
5 9.70 89.05 90.88 95.62 96.35 95.99
6 97.08 86.13 91.61 96.35 92.70 94.53
7 92.70 86.86 89.78 96.35 94.16 95.26
8 88.32 97.08 92.70 94.16 89.78 91.97
9 97.08 86.86 91.97 97.97 90.51 91.24
10 96.35 88.32 92.34 97.08 88.32 92.70
Average 86.52 86.73 90.77 94.38 91.46 92.92

Table 2. Performance comparison with different methods.

¥ 2 CfE s St ds vl

Feature vector Hel14] Li[15] Proposed method Proposed method
(T=3) (T=3)
Dimensionality 100 972 196 324
Accuracy (%) 89.76 92.38 90.77 92.92
Feature extraction time(s) 2.218 4.61 0.985 1.489
Feature selection time(s) 2.158 0 0 0
Total time(s) 4.376 4.61 0.985 1.489
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