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This study is intended to investigate that it is possible to analyze the public awareness and satisfaction of the weather forecast

service provided by the Korea Meteorological Administration (KMA) through social media data as a way to overcome limitations

of the questionnaire-based survey in the previous research. Sentiment analysis and association rule mining were used for Twitter

data containing opinions about the weather forecast service. As a result of sentiment analysis, the frequency of negative opinions

was very high, about 75%, relative to positive opinions because of the nature of public services. The detailed analysis shows

that a large portion of users are dissatisfied with precipitation forecast and that it is needed to analyze the two kinds of error

types of the precipitation forecast, namely, ‘False alarm’ and ‘Miss’ in more detail. Therefore, association rule mining was performed

on negative tweets for each of these error types. As a result, it was found that a considerable number of complaints occurred

when preventive actions were useless because the forecast predicting rain had a ‘False alarm’ error. In addition, this study found

that people’s dissatisfaction increased when they experienced inconveniences due to either unpredictable high winds and heavy

rains in summer or severe cold in winter, which were missed by weather forecast. This study suggests that the analysis of social

media data can provide detailed information about forecast users’ opinion in almost real time, which is impossible through survey

or interview.
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<Table 3> Result of Detailed Negative Comments Analysis

Occurrences | Twitter Actual Error
Date | Total |Negative| EMTOT | Seoul | Busan |Incheon
25 Jul 90 86 FA' Hit CR” Hit
3 Aug 61 53 FA' Hit FA' Hit
18 Jul 59 51 FA' FA' Hit FA'
12 Sep | 48 43 Miss | Miss | CR™ | CR”
26 Jul 43 37 Miss | Miss | CR™ | Miss
10 Aug 46 35 Miss Miss Miss Miss
26 Aug | 35 30 Miss | Miss | Miss | CR™
2 Aug | 44 29 FA' FA' Hit FA'

FA : False Alarm.
CR : Correct Rejection.
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<Figure 1> Association Rules for Negative Tweets

<Table 4> Reasons for Negative Tweets

. O Autumn

Error Type Reasons Lift
Summer+Heat+Rain 3.822
False Alram | Summer+Rain+Paraphernalia 2.180
Outdoor+Rain 2.136

Summer+Gale 2.767

Spring+Cold 2.565
) Monsoon+Extended-Forecast 2.549
Miss Winter+Cold+Extended-Forecast 2477
Summer+Downpour 2.076
Autumn+Paraphernalia 2.073
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