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Terminology Construction

Jung-Eun Lee" -

Tae-Young Kim" -

T

Hyo-Jung Oh

ABSTRACT

The rapid response of disaster accidents can be archived through the organical involvement of various disaster and safety control

agencies. To define the terminology of disaster safety is essential for communication between disaster safety agencies and well as

announcement for the public. Also, to efficiently construct a word dictionary of disaster safety terminology, it's necessary to define the

priority of the terms. In order to establish direction of word dictionary construction, this paper compares the usage of disaster safety

terminology by media: word dictionary, new media, and social media, respectively. Based on the terminology resources collected from each

media, we visualized the distribution of terminology according to frequency weights and analyzed co-occurrence patterns. We also

classified the types of terminology into four categories and proposed the priority in the construction of disaster safety word dictionary.
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Table 1. Statistics of Word Dictionary

Subject Number of Terms Count

Terminology 47 164,310
National Standards 4 120
Book 3 3,059

Law 299 5,046
Manual 48 642
ETC. 3 107

Total 404 173,284

2017.11.15. 71

Adebda) AR ESlS 20150l e Azt
Hol 71AE #H 10d7ke] W A B AR A
Z = R8T, 10]. AA R A
Y, ot S & 21319 AdAd
I nFFFEE At SAPE A AL, FEEFTISH
w2y, AT e 5 F 12709 AR Aol
20160 AsjArol F7He BfF Anpel A AE F7
& Aeoz s ES

o] A%4l GitHubl[12]e]

R

-

m

o 2 E

Table 2. Statistics of Terminology by Media

Dictionary Safety News Tweets
Dictionary,
Collection Standards, Law, | Safety News Large-scale
Scope Manual etc. for | in the Safety Natural and
P Disaster Safety | News Portal Social Disaster
Agencies
Disaster
occurrence
Collection 20160310, | date-2016.1231/
Period i ~2017.09.30 2017.09.30.
€no e (Typhoon Chaba,
Gyeongju
Earthquake)
Collection 104 23358 395,193
Count
Total 173284 2,701,973 4411564
Terms
Unique 134615 32,186 44452
Terms
Average
Terms per - 115 11
Event
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Table 3. Frequently Terms of Word Dictionary Co-occurred in
News and Tweets (17 of 47 Terms)
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Table 4. Frequently Terms of Word Dictionary Not Appeared in
News and Tweets (15 Terms)
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5 5 AA 16 10 2 5 23 2] 13
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7 5 Fot 15 5 8 7 30 &g 23k 12
8 5 A 15 541 970 8 30 EARZ 12
9 5 e 15 44 18 9 30 ook 12
10 5 AE 15 % 7 10 30 P 12
1 13 HZ 14 3,698 60,564 1 67 FAE=1 11
12 13 A= 14 338 28 12 67 ACAMEA LR 11
13 13 bk 14 3 31 13 67 7159 3k o 11
14 13 ol &l 14 4 1 1 &7 e 1
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Table 5. Frequently Terms of News Co-occurred in Dictionary
and Tweets (24 of 90 Terms)

No. News | News News Dictionary | Tweets g;cmtls;%
Rank | Terms | Appearance | Overlap |Appearance Noun
1 1 AbaL 37,645 4 8,946 280
2 2 ] 3 20,177 2 20,331 151
3 3 kAl 19,469 2 6,323 835
4 4 A7 16,613 12 19,025 291
5 6 Ll 12,402 4 764 142
6 7 Raae| 12,394 3 1,038 440
7 8 3k 12,030 5 5,787 165
8 9 A 10,277 5 834 133
9 10 A} 7551 10 3,852 365
10 11 EE 7,443 11 1,039 232
1 12 wed 7,306 2 35,644 71
12 13 Ak 6,580 9 4544 223
13 14 A 6,568 2 1,062 23
14 15 317 5969 1 908 14
15 16 T* 5,770 12 1572 628
16 17 3 5282 10 3,064 53
17 18 2131 4995 5 1,790 116
18 19 s 4950 2 1,499 287
19 20 A 4921 2 572 361
20 21 ks 4,678 1 1,097 12
21 22 = 4577 1 833 1
2| EE] 4408 1 10,527 152
23 25 = 4371 7 1,196 7
24 27 %Ly 4,003 11 369 240
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Table 6. Frequently Terms of News Not Appeared in Dictionary

(10 Terms)
No News News News Dictionary Tweets
" | Rank Terms | Appearance | Overlap | Appearance
1 5 ALz 13,305 0 16,138
2 23 A 4417 0 139
3 26 ¥ 4,042 0 321
4 41 ZhAL 2,323 0 5,123
5 63 | RIFAA 1,615 0 1,240
6 71 qE 1,493 0 1,517
7 7 A 1,397 0 1,886
8 81 Al 1,319 0 646
9 32 7+ 1,318 0 1,150
10 85 F= 1,276 0 2,096
Not Appeared Terms 3951 0 3026
Average
Table 7. ‘Nuclear Power’ related Terms in News
Ly Practical Example about ‘Nuclear Power’
(Appearance)
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Safety News
(32,186)

Frequently Frequently | Frequently Terms Frequently
Standard Terms Terms Co-occurred Terms
Co-occurred | Co-occurred | in Dictionary and | Not Appeared
in Dictionary in News News in Dictionary
Tweets 84 100 84 16

Fig. 8. Top 100 Frequently Terms in Tweets Comparing
Dictionary and News
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Table 8. Frequently Terms of Tweets Co-occured in Dictionary
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Table 9. Frequently Terms of Tweets Not Appeared
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Fig. 11. Type of Disaster Safety Terminology

BHon AgHE o3t £ AL olals]
o, A5 FEHE AR EA FolAd T A Ads P
2 9% FA07k 8 & glov, oed FAojzrH 49
5o gol AT WA & YT =
1 AnolgA Rl AF AgH R o)

e gold TE Ao Fa wEd oy

[ -
o ol
 $
2 9
of -
& o X
o9 ga
ol
rir

(30 ox

it}
o?.\‘.’ru
L\J_h;‘,:

lo, :10
>
z o
R
X olo
42
=
2
5 K
G o
( 0 Q
o ok
o
of\ o
ol
o J &
st %
_l? re
Zits
BoP
r.l

o

off L

=
o Fo £
3
o
» =
>
2
e
Jn
]
2
)
o
o
|
=

2 o
o,

(o
ot
AT <l

o 2
o o

X
:@‘.L;‘Q,oﬂ‘,

o
)

o,

=2

X0
B2

2 Lo,

| el
{5 o3 7 B3| F1Y)

o mdt ol © o i
Rl
> ogh

2 ogE Ho

©

>

Moy gy
i

2 R

o o
o TP
o
Ir
N

ofr
-

=
Noolo o fo N oo o rf X

o (=)
o)
o U kU ofm

-
ol
]\
2
=2

ol © o4 W
Al
2
2

QLo

1o

o

Job,

N

el

fo

o

uf

oﬁ‘,ﬁé’
o ku
oo 2

o
Y
L
o
=3
2
ol
=
offt

[
T

I 54

o Qg tis % 5 e dEfr] As Aol
T2 &8ss ofglolth webA i 7P ofFl= Akl
A ArE dLstd s 54S 7 Z857] "ol Bl
A olslatr] A ofslolH, Atz Al S5 wet
R o ARGE = 5A0] itk Sl Al duE At
ARE AFar] e BHow gFst o] Hojof gt

T 4= ek EQEC 4 28T ofFelt 3§
3 o9 = ARk Zof ofF FolARE Ak oSl A &
e 8= LHA FA Y ofolt. 54 AGAR A
Al ARG AR BAfo] wob EEETF FUFEITL, A
Aol FREE AAM = &8 =7t AA sk 5H ol
itk oA E At ejst AAm o oA s ofd=

TS S0IAME F=2 21T DICI0E 0i9] At & H

El
no
wW
<

ugs gosE e AW Bese] 224
= of3o|ng, o]F o3 Tetele] golad

F7h Al
SEEMEE PR S R EE L
o} BE vtolold FEOE AGHE
# & oigel BAgle] $aHoE §
gkl AT Ak o] §AE PO F I

o

o

AL E== R i , ARl A SHM Tk
7b = it ESH

=

ox

e
o

o 2
2 Lo

ol

ol

Lo

N

rx o
o e o

o= ME
2
1o
ofo
2
>
3
- N
I

rol, 2
o ¢
=5
NN

—

L)
fu

2

>

-4

| e

o oo 1o,

4o 2

4 e
_o\_(g
rir
iﬁ-‘,
1
)
o
X0,
o
2

pass

rlr

N

N =
B FL

2
rir

2
2
gt

i.‘ﬂo}:o
©

e
ol
o
Kl
=
oo
2 0
el 2y
o
_O,L’

4N 1o
:IOL_"
e
2 5

A
o 2
>
2
ol
o
o glo ;_{2 :
[ YR R o]

o
= il il
2 ox o

(o
=
e
i,
2
ol
1o
L
o)
ofo
ob
s

N
ol\

bl

M $Q Ropok Qi

9T >

1% N
2 N @
G

2

>

2

-1

A

o

i
Ao

A F)

f

h=s

o

9

2

>

=3

il
o

2
2
g
QL
£l

fr &

|
o 2o

) :to
oflt
1 e
~
N
2L doh ofh )

o,

ol
-

SR 2 oo 32

(0 wo g

43 Py

0ot mo it 2 O o e ot i

W ¥ o

i orlo g

=
2y
=
ox
. 2,
i
o
gQ
o
12
N
>

il
g o 3 g

O
Iy
ot
O
o
o
2
L
2
9
© ob
2 oo D ool

2>,

=2

do
e St
2L oo
o &y H
f
=
o il
(o
ol o
QL
rr
o T
2
>
2
-
o Hy
>
=
ol
%

2 orff o o
[
I
AN
11—
—n
2
o

z
bt
L2

ol

2
o
rir
oo 11 2
° 8
>
o ol
_\"L_l,
{m
O
o
=)
=
gh
rir
[ 2
o T
fu
=
4

3r o
)
il
o
e
>, o rr
o 2
Wy =
1 E’E o :18?4‘
. nﬂj e e ‘;
Lo g
= ﬂ —_
SN~
23X
T
Py L o)
N M
ofo
2 © T P
> rlr
L L
o
it &
Iy
o flo — i
-
ol o .

£
o
il

ol
=

N
A

ox K o
wo o
oo

Shid
%
of
ol
=
L
ol
ol

o e

i o
ok
Lo
o
0%
o
M
i
9\&{

o
2
ol
il
o
od
oy
EL
2
I oK
o 2
fr r%
2

ox
2
=

i)
o
~N
fr B oo

=2
oo &
O OlZ)
s
>
)
o
Ay
o%
r2 ot

o

N

o _;
g4 8
o2
o

o> dlo
(o
2L 3

ey
o
[>
L
(m
Ho
ooy [o
i)
N

}‘,

o
2

ki

fr
o 4 rir
1o N
=

o
9 Lo
oo to o
BN
= ~
> o
T
I b
N

ol
2§
u
R o
2



238 JEMelSR=2A/AZER0 & HOoIH 33 M72 XM6=(2018. 6)

= = A
= T l
PJE?E%L

References

[1] The National Institute of The Korean Language, “A Study

Seoul: The National
Institute of The Korean Language, 2007.

(2] J. H. Lim, T. Y. Park, and S. J. Kim, “Development of a Facet
Classification System for Integrated Management and Shared

on the Specialized Terminology,”

Use of Disaster and Safety Information,” Korea Libray And
Information Science Society, Vol.48, No.4, pp.375-399, 2017.

[3] J. Y. Gang, H. J. Han, Y. Kim, and H. J. Oh, “Empirical Study
of Disaster and Safety Record Information Resources
Archiving Strategy based on Automatic Acquired Web
Records from Related Organizations,” Journal of The Korean
Biblia Society for Library and Information Science, Vol.28,
No.4, pp.223-246, 2017.

[4] SafeKorea [Internet], https://www.safekorea.go.kr/idsiSFK
/index_web.j.

[5] C. M. Kim and C. I. Cho, “An Exploration of Issue Attention
Cycle of Great Disasters,” Seoul Studies, Vol.16, No.4,
pp.147-162, 2015.

[6] J. Y. Park, P. M. Ryu, and H. J. Oh, “A Collecting Model of
Public Opinion on Social Disaster in Twitter: A Case Study
in ‘Humidifier Disinfectant,” KIPS Transactions on Software
and Data Engineering, Vol.6, No.4, pp.177-184, 2017.

[7]1 H. C. Jeong, T. Y. Kim, Y. Kim, and H. J. Oh, “A Study on
the Utilization Plan of Lexical Resources for Disaster
andSafety Information Management Based on Current Status
Analysis,” Korea Society for Information Management,
Vol.34, No.2, pp.137-158, 2017.

[8] T. Y. Kim, J. E. Lee, and H. J. Oh, “A Study on the Analysis
of Disaster Safety Lexicon Patterns in Social Media,” Journal
of the Korea Contents Association, Vol.17, No.10, pp.85-93,
2017.

[9] Ministry of Public Safety and Security, “Disater Yearbook
2015,” Ministry of Public Safety and Security, 2016.

[10] Ministry of Public Safety and Security, “Statistical Yearbook

of Natural Disaster 2015,” Ministry of Public Safety and
Security, 2016.

[11] Ministry of Public Safety and Security, “Statistical Yearbook
of Natural Disaster 2016,” Ministry of Public Safety and
Security, 2017.

[12] GitHub [Internet], https://github.com.

[13] RHINO morphological analyzer [Interne], https://sourceforge.
net/projects/koreananalyzer/.

[14] R [Internet], https://www.r-project.org/.

o & 2
https://orcid.org/0000-0003-2631-0245
e-mail : lepina@naver.com
20179 ARt 7] % e shah(A A
W17~ A ARohstn 7] S s

g ok ol &4 B4, vdjo] BA,

4 B g
https://orcid.org/0000-0003-2624-7629
e-mail : fnty127@hanmail net
20159 AEoistal 7] 53] (A AL
20158 ~3 A A&t 7|29 sy}

HhAL

BAl ok o] §44 W, WujolE A,

LEZA EYa 4,
Al w2~
g X

https://orcid.org/0000-0001-8067-2832

e-mail : ohj@jbnu.ac.kr

20089 B3t/ A FEF e
(F 3

200049 ~20154 5 AR 79
Avtol T AP





