https://doi.org/10.21289/KSIC.2018.21.6.369 (K(S(](C

RIS AR AISSIE Pl EXRHIM 7|8 FHZE BF0| JYAUA i e B 369

I3Hel7 ZADH AIS3IE Qs 2RHIM J|v FEE BEo|
HAOIY 7|z0| Bt BT
A Study on Shape Recognition Technology of Die Casting
and Forging Parts Based on Robot Vision for Inspection
Process Automation in Limit Environment
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(Abstract)

This study proposes a new approach to real time implimemtation of shape
recognition technology of die casting and forging parts based on robot vision for
smart factory. The proposed shape recognition and inspection technology for forging
and die casting parts is very useful for manufacturing process automatiom and smart
factory including external form’s automatic inspection of machanical or electronic
panrs for the precision verification. The reliabiblity of proposed technology Ihas been
illustrated through experiments.
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2.1 Image Thresholding

JA Ad| ALY (Image Thresholding)e 17|
o] H(gray level)e] A<M Z(continuous-tone)
AR 24 dM(binary leve)?] ZH] gArog
38l 7)otk R E AFASE(threshold)
ofglo] A (pixe)FrS E5F E(black) oz
2, AfEEte] AU 1 flol e 94

I AYATYL S FE(edge detection)
S S|Hel etk o EN, NS F
S TERe 2L B2l HRE A As

7] 3 olgEE o, AT AM 7t

Fig. 1 Flowchart of Image thresholding
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Fig. 4 Flowchart of edge detection
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Fig. 5 The Process of Shape recognition
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