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Abstract The purpose of this study is to analyze the effect of commuter's departure time on transportation system
in future traffic system operated autonomous vehicle using agent based model. Various scenarios have been set up,
such as when all passenger choose a similar departure time, or if the passenger chooses a different departure time.
Also, this study tried to analyze the effect of road capacity. It was found that although many of the scenarios had
been completed in a stable manner, many commuters were significantly coordinated at the desired departure time.
In particular, in the case of a reduction in road capacity or in certain scenarios, it has been shown that, despite
excessive schedule adjustments, many passengers are unable to commute before 9 o'clock. As a result, it is suggested
that traffic management and pricing policies are different from current ones in the era of autonomous car operation.
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Table 2. Previous studies of the effects of autonomous
driving introduction

Resear
cher
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(5] VMT 8% increase
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Fig. 1. Simulation modeling process of MATSim
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Fig. 2. Simulation Network layout of MATSim on
Sioux Falls
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