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[Abstract]

This study proposes a big data based risk analysis framework to analyze more comprehensive disaster risk and vulnerability. We
introduce a distributed and parallel framework that allows large volumes of data to be processed in a short time by using open-source
disaster risk assessment tool. A performance analysis of the proposed system presents that it achieves a more faster processing time than
that of the existing system and it will be possible to respond promptly to precise prediction and contribute to providing guideline to disaster
countermeasures. Proposed system is able to support accurate risk prediction and mitigate severe damage, therefore will be crucial to giving

decision makers or experts to prepare for emergency or disaster situation, and minimizing large scale damage to a region.
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