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A Study of Big Data Domain Automatic Classification Using

Machine Learning
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Abstract

This study is a study on domain automatic classification for domain - based quality diagnosis which is a key element
of big data quality diagnosis. With the increase of the value and utilization of Big Data and the rise of the Fourth
Industrial Revolution, the world is making efforts to create new value by utilizing big data in various fields converged
with IT such as law, medical, and finance. However, analysis based on low-reliability data results in critical problems
in both the process and the result, and it is also difficult to believe that judgments based on the analysis results. Although
the need of highly reliable data has also increased, research on the quality of data and its results have been insufficient.
The purpose of this study is to shorten the work time to automizing the domain classification work which was performed
from manually to using machine learning in the domain - based quality diagnosis, which is a key element of diagnostic
evaluation for improving data quality. Extracts information about the characteristics of the data that is stored in the
database and identifies the domain, and then featurize it, and automizes the domain classification using machine learning.
We will use it for big data quality diagnosis and contribute to quality improvement.
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