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Abstract

In this paper, we propose a method to classify radar signals according to the jamming technique by applying the
machine learning to parameter data extracted from received radar signals. In the present army, the radar signal is
classified according to the type of threat based on the library of the radar signal parameters mostly built by the
preliminary investigation. However, since radar technology is continuously evolving and diversifying, it can not
properly classify signals when applying this method to new threats or threat types that do not exist in existing
libraries, thus limiting the choice of appropriate jamming techniques. Therefore, it is necessary to classify the
signals so that the optimal jamming technique can be selected using only the parameter data of the radar signal
that is different from the method using the existing threat library. In this study, we propose a method based on
machine learning to cope with new threat signal form. The method classifies the signal corresponding the new
jamming method for the new threat signal by learning the classifier composed of the hidden Markov model and the
neural network using the existing library data.
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Table 1. Performance of the proposed classifier
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Fig. 4. Performance of the proposed classifier with the
error rate of the PDW data
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Fig. 5. Performance of the proposed classifier with the
missing rate of the PDW data
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