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Abstract

The problem of traffic light detection and recognition has recently become one of the most important topics in
various researches on autonomous driving. Most algorithms are based on colors to detect and recognize traffic
light signals. These methods have disadvantage in that the recognition rate is lowered due to the change of the
color of the traffic light, the influence of the angle, distance, and surrounding illumination environment of the
image. In this paper, we propose machine learning based detection and recognition algorithm using shape
information to solve these problems. Unlike the existing algorithms, the proposed algorithm detects and
recognizes the traffic signals based on the morphological characteristics of the traffic lights, which is
advantageous in that it is robust against the influence from the surrounding environments. Experimental results
show that the recognition rate of the signal is higher than those of other color-based algorithms.
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