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[Abstract]

As time changes, users change their interest. In this paper, we propose a method to provide suitable service for users by
dynamically weighting service interests in the context of age, timing, and seasonal changes in ubiquitous environment. Based on
the service history data presented to users according to the age or season, we also offer useful services by continuously adding
the most recent service rules to reflect the changing of service interest. To do this, a set of services is considered as a transaction
and each service is considered as an item in a transaction. And also we represent the association of services in a graph and extract
frequent service items that refer to the latest information services for users.
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Table 3. Weight and frequency of itemsets

Fu YBYY 1A}

pattern | Pwgt frequent
a 0.6+0.3=0.9 false
b 0.5*2=1.0 false
be (0.5+0.8)2=1.3 true
c 0.8%3+0.9%2=4.2 true
d 0.7+0.7*2=2.1 true
cd (0.8+0.7)/2+(0.9+0.7)/2=1.55 true
e 0.8+0.7=1.5 true
ce (0.8+0.8)/2+(0.9+0.7)/2*2=2.4 true
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Input: window size [W|, batch Bi, min_sup, LMwgt
output: frequent item set

if the number of batch > [W|
then slide the oldest batch Bi from FSGraph
else
insert Bi into window set;
for each Biin |W]|
if the weight sum of each item < LMwgt
then pruning the item;
end for;
make the FSGraph with pathway label;
for each item in FSGraph
compute frequent weight of items, Iwgt;
if Iwgt > min_sup

add item into frequent item set;

end for;
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