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[Abstract]

Runway visual range (RVR), one of the important indicators of aircraft takeoff and landing, is affected by meteorological conditions such
as temperature, humidity, etc. It is important to estimate the RVR at the time of arrival in advance. This study estimated the RVR of the local
airport after 1 hour by upgrading the RVR estimation model using the proposed deep learning network. To this end, the advancement of the
estimation model was carried out by changing the time interval of the meteorological data (temperature, humidity, wind speed, RVR) as input
value and the linear conversion of the results. The proposed method generates estimation model based on the past measured meteorological
data and estimates the RVR after 1 hour and confirms its validity by comparing with measured RVR after 1 hour. The proposed estimation
model could be used for the RVR after 1hour as reference in small airports in regions which do not forecast the RVR.
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Analyze the weather information

¥

Select data(wind speed, temperature, humidity, RVR)

b
Implement the deep neural network
¥
Select the epoch, dataset size, sampling time, leaming rate
¥

Modify the result by linear transformation
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Fig. 3. Development procedure of RVR by DNN.
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Fig. 11. RVR estimation value(Dotted) and measurement
value(solid) by estimation DNN model.
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