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Abstract Unlike the past, when distributors distributed games through retail stores, they are now selling digital
content, which is based on online distribution channels. This study analyzes the effects of eWOM (electronic Word
of Mouth) on sales volume of game sold on Steam, an online digital content distribution channel. Recently, data
mining techniques based on Big Data have been studied. In this study, emotion index of eWOM is derived by
emotional analysis which is a text mining technique that can analyze the emotion of each review among factors of
eWOM. Emotional analysis utilizes Naive Bayes and SVM classifier and calculates the emotion index through the
SVM classifier with high accuracy. Regression analysis is performed on the dependent variable, sales variation, using
the emotion index, the number of reviews of each game, the size of eWOM, and the user score of each game, which
is a rating of eWOM. Regression analysis revealed that the size of the independent variable eWOM and the emotion
index of the eWOM were influential on the dependent variable, sales variation. This study suggests the factors of
eWOM that affect the sales volume when Korean game companies enter overseas markets based on steam.
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Table 2. Descriptive Statistics Analysis
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Table 5. Summary of Results

Summary of Results
H1 -
H1-1 significant
H1-2 insignificant
H2 insignificant
H3 -
H3-1 significant
H3-1 insignificant
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