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Extracting Specific Information in Web Pages
Using Machine Learning

Joung-Yun Lee - Jae-Gon Kim'

Industrial and Management Engineering, Incheon National University

With the advent of the digital age, production and distribution of web pages has been exploding. Internet users frequently
need to extract specific information they want from these vast web pages. However, it takes lots of time and effort for users
to find a specific information in many web pages. While search engines that are commonly used provide users with web pages
containing the information they are looking for on the Internet, additional time and efforts are required to find the specific information
among extensive search results. Therefore, it is necessary to develop algorithms that can automatically extract specific information
in web pages. Every year, thousands of international conference are held all over the world. Each international conference has
a website and provides general information for the conference such as the date of the event, the venue, greeting, the abstract
submission deadline for a paper, the date of the registration, etc. It is not easy for researchers to catch the abstract submission
deadline quickly because it is displayed in various formats from conference to conference and frequently updated. This study
focuses on the issue of extracting abstract submission deadlines from International conference websites. In this study, we use
three machine learning models such as SVM, decision trees, and artificial neural network to develop algorithms to extract an
abstract submission deadline in an international conference website. Performances of the suggested algorithms are evaluated using

2,200 conference websites.

Keywords : Data Extraction, Machine Learning, SVM, Decision Tree, Neural Network
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74 W (Artificial Neural Network) oA}
(Decision Tree), SVM(Support Vector Machine)[11
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ice will be held on campus at the University of Toronto.

Pre Reglstration Deadline

5th ICAET 2018 VENUE OF THE CONFERENCE

Incheon National University
Convention Center

e CONFERENCE DATES

December 14 - 16,2018

— IMPORTANT DATES
PAPER PUBLICATION (The paper will be published on I0P or TTP according to
the SCOPE of paper) | _________ '

-[Extended) Paper Submission

|  Duebate: 1
Deconber 03, 2018

Proceeding paper Publication in IOP

IOP Conference Series .

- Conference Date * 1

onfence |
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<Figure 1> Indication of Submission Deadlines in Conference
Web Sites
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#1 One-Hot
encoding important

deadline

submission

date

extended

registration
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<Figure 2> Keyword Dictionary Building
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<Table 1> Decision Accuracies of the Three Machine Learning

Models
Training Data Conference SVM Decision | Neural
Set Category Tree | Network
In cases that
TSl submission deadline | 68.7% | 67.1% | 72.1%
. o exists
Size of Training
Data : 500 In cases that
submission deadline | 95.2% 90.3% 98.7%
does not exist
In cases that
TS2 submission deadline | 72.8% | 69.4% | 80.3%
. o exists
Size of Training
Data : 1,000 In cases that
submission deadline | 95.3% 92.7% 98.7%
does not exist
In cases that
TS3 submission deadline | 78.4% | 70.0% | 88.6%
) o exists
Size of Training
Data : 2,000 Iq cases that‘
submission deadline | 95.6% 96.9% 98.9%
does not exist
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