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Abstract - For efficient operating strategy of electric power system, forecasting of daily peak electric load is an important but
difficult problem. Therefore a daily peak electric load forecasting system using a neural network and fuzzy system is presented
in this paper. First, original peak load data is interpolated in order to overcome the shortage of data for effective prediction.
Next, the prediction of peak load using these interpolated data as input is performed in parallel by a neural network predictor
and a fuzzy predictor. The neural network predictor shows better performance at drastic change of peak load, while the fuzzy
predictor yields better prediction results in gradual changes. Finally, the superior one of two predictors is selected by the
rules based on rough sets at every prediction time. To verify the effectiveness of the proposed method, the computer
simulation is performed on peak load data in 2015 provided by KPX.
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Fig. 9 Electric power load above 75,000[MWh]
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