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Study on Detection Technique for Cochlodinium polykrikoides Red tide using Logistic
Regression Model under Imbalanced Data
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ABSTRACT

This study proposed a method to detect Cochlodinium polykrikoides red tide pixels in satellite images using a
logistic regression model of machine learning technique under Imbalanced data. The spectral profiles extracted from red
tide, clear water, and turbid water were used as training dataset. 70% of the entire data set was extracted and used
for as model training, and the classification accuracy of the model was evaluated using the remaining 30%. At this
time, the white noise was added to the spectral profile of the red tide, which has a relatively small number of data
compared to the clear water and the turbid water, and over-sampling was performed to solve the unbalanced data
problem. As a result of the accuracy evaluation, the proposed algorithm showed about 94% classification accuracy.
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