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Status Diagnosis of Pump and Motor Applying K-Nearest Neighbors
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ABSTRACT

Recently the research on artificial intelligence is actively processing in the fields of diagnosis and prediction. In this
paper, we acquire the data of electrical current, revolution per minute (RPM) and vibration that is occurred in the
motor and pump where hey are installed in the industrial fields. We train the acquired data by using the k-nearest
neighbors. Also, we propose the status diagnosis methods that judges normal and abnormal status of motor and pump
by using the trained data. As a proposed result, we confirm that normal status and abnormal status are well judged.
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Fig. 1 Vibration signal acquisition system of pump and motor
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Fig. 2 Current and RPM signal acquisition system of pump and motor
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