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Abstract In the massive online fashion market, it is not easy for consumers to find the fashion style they want by
keyword search for their preferred style. It can be resolved into consumer needs based fashion recommendation. Most
of the existing online shopping sites have collected cumtomer’s preference style using the online quastionnair. In this
paper, we propose a simple but effective novel model that resolve the traditional method in fashion profiling for
consumer’s preference style and needs using implicit profiling method. In addition, we proposed a learning model
that reflects the characteristics of the images itself through the deep learning-based intelligent preferred fashion model

learned from the collected data. We show that the proposed model gave meaningful results through the qualitative
evaluation.
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Fig. 1. Overview of implicit fashion profiling system
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