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Abstract

In this paper, we propose a method for coding history detection of digital speech signal. In digital speech communication and
storage, the signal is encoded to reduce the number of bits. Therefore, when a speech signal waveform is given, we need to detect
its coding history so that we can determine whether the signal is an original or an coded one, and if coded, determine the number
of times of coding. In this paper, we propose a coding history detection method for 12.2kbps AMR codec in terms of original,
single coding, and double coding. The proposed method extracts a speech-specific feature vector from the given speech, and
models the feature vector using a deep neural network. We confirm that the proposed feature vector provides better performance in
coding history detection than the feature vector computed from the general spectrogram.
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Table 1. Performance (%) of the proposed coding history detection
method

HE UHo U5 (%)

T Estmated idinal  Single  Double | Ave.
Original 100.0 0.0 0.0
Single 0.0 98.2 18 | 99.1
Double 0.0 0.9 99.1
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Table 2. Performance (%) when using the spectrogram-based feature
vector
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