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Machine Leaming-Based Signal Prediction Method for Power Line
Communication Systems

Young Ghyu Sun’, Issac Sim’, Seung Gwan Hong', and Jin Young Kim’

e <% .
=Rl Al AnelE F el th HAEES Tk AAEA ALl ] 54 AEE o] §ate] St
AEE ANEE dZohs Axe RAS AT, H2Ue H8T FA BAS ASSHE AHAEA Asge Qubh) BA4
22 B8 B4 Pl i) ol ek o) kel AWAEN Azwe] o] Aot Hi AV WA o2 Ak
Sfaf B =Rel A Ak A AL RO ol S5 AT 5S Fal gee] G| Hastslo] AYNBA A2He] 45
Aok SHAIZILE B RO AQHE B4 A2 BES A GE B0 2 8te] ABdel e slgomn ANET} %

Key Words : Machine learning, artificial neural network, power line communication system, additive white Gaussian noise
channel, multi-layer perceptron

ABSTRACT . .

In this paper, we propose a system model that predicts the original signal transmitted from the transmitter using the received
signal in the power line communication system based on the multi - layer perceptron which is one of the machine learning
algorithms. Power line communication system using communication system using power network has more noise than
communication system using general communication line. It causes a problem that the performance of the power line
communication system is degraded. In order to solve this problem, the communication system model proposed in this paper
minimizes the influence of noise through original signal prediction and mitigates the performance degradation of the power
line communication system. In this paper, we prove that the original signal is predicted by applying the proposed
communication system model to the white noise environment.
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