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Abstract The current recommendation systems have problems including the difficulty of figuring out whether
they recommend items that actual users have preference for or have simple interest in, the scarcity of data to
recommend proper items due to the extremely small number of users, and the cold-start issue of the dropping
system performance to recommend items that can satisfy users according to the influx of new users. In an
effort to solve these problems, this study implemented a movie recommendation system to ensure user
satisfaction by using the Fuzzy-Analytic Hierarchy Process, which can reflect uncertain situations and problems,
and the data partition algorithm to group similar items among the given ones. The data of a survey on movie
preference with 61 users was applied to the system, and the results show that it solved the data scarcity
problem based on the Fuzzy-AHP and recommended items fit for a user with the data partition algorithm even
with the influx of new users. It is thought that research on the density-based clustering will be needed to filter
out future noise data or outlier data.
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