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ABSTRACT

Recently, the military need more various education and training because of the increasing necessity of various
operation. But the education and training of the military has the various difficulties such as the limitations of time,
space and finance etc. In order to overcome the difficulties, the military use Defense Modeling and
Simulation(DM&S). Although the participants in training has the empirical knowledge from education and training
based on the simulation, the empirical knowledge is not shared because of particular characteristics of military such
as security and the change of official. This situation obstructs the improving effectiveness of education and
training. The purpose of this research is the systematizing and analysing the empirical knowledge using text mining
and network analysis to assist the sharing of empirical knowledge. For analysing texts or documents as the
empirical knowledge, we select the text mining and network analysis. We expect our research will improve the
effectiveness of education and training based on simulation of DM&S.
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