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Abstract - In this paper, we propose a fault detection model based on multi-layer neural network using data mining
technique for faults due to boiler tube leakage in a thermal power plant. Major measurement data related to faults are
analyzed using statistical methods. Based on the analysis results, the number of input data of the proposed fault detection
model is simplified. Then, each input data is clustering with normal data and fault data by applying K-Means algorithm,
which is one of the data mining techniques. fault data were trained by the neural network and tested fault detection for

boiler tube leakage fault.
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Fig. 1 Typical boiler structure in coal fired power plant
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Table 1 Principal parameters for the fault detection
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Table 3 Clustering of normal data and abnormal data using
K-Means algorithm
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Table 4 The test statistic value and the critical region for the hypothesis test of the classified group for the fault detection
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