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A Study on Intelligent Control Algorithm Development for
Cooperation Working of Human and Robot
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{Abstract)

This study proposed a new approach to develop an Intelligent control algorithm for
cooperative working of human and robot based on voice recognition. In general case
of speaker verification, Gaussian Mixture Model is used to model the feature vectors
of reference speech signals. On the other hand, Dynamic Time Warping based
template matching techniques were presented for the voice recognition about several
years ago. We converge these two different concepts in a single method and then
implement in a real time voice recognition enough to make reference model to satisfy
95% of recognition performance. In this paper it was illustrated the reliability of voice
recognition by simulation and experiments for humanoid robot with 18 joints.
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