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A Study on Development Deep Learning Based
Learning System for Enhancing the Data Analytical Thinking
Young-ho Lee - Duk—-hoi Koo

Department of Computer Education, Seoul National University of Education

ABSTRACT

The purpose of this study is to develop a deep learning based learning system for improving learner’s data an—
alytical thinking ability. The contents of the study are as follows. First, deep learning was applied to the discov—
ery learning model to improve data analytical thinking ability. This is a learning method that can generate a
model showing the relationship of given data by using the deep learning method, then apply the model to new
data to obtain the result. Second, we developed a deep learning based system for DBD learning model.
Specifically, we developed a system to generate a model of data using the deep learning method and to apply this
model. The research of deep learning based learning system will be a new approach to improve learner’s data
analytical thinking ability in future society where data becomes more important.
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Detail

Explore and identify problems, present
method (deep learning) Utilization

model creation
Apply new data to derived models

Data presentation and data scientific

Discovery Learning

Step

Explore and
Identify Problems |learning problems

Model evaluation |Evaluate generation model accuracy
application

and development |and improve accuracy

Data presentation
and model learning

<Table 1> Steps and details of Deep Learning Based
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(Fig. 7) Model experiment and check results
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