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RUSPEAl The personal activity information is expanding as a way to utilize wearable devices that are
emerging as next generation smart devices. This paper develops an application for collecting heartbeat rate
and location information of a user using SmartWatch, which is a smartphone and wearable device, and
analyzing it through machine learning to infer user’s emotion information. By using smart phone and smart
watch, developed application can collect biometric data and location information by simply executing
application and doing everyday life. In addition, adding the location information to the hearbit rate data,
it proves higher utilization than existing ones.

e Key Words : Wearable device, Location Information, Heartbeat rate Information, Emotion Inference,
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[Fig. 1] Major roles of wearable devices
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[Fig. 2] Smartphone application operation flowchart
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Emotion  representation based on a
location(bottom)
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[Fig. 4] K—means algorithm result with 5 emotion
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