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RUSEEl Duc to the spread of SNS, web-based consumer-generated data is increasing exponentially.It

1s Important in many fields to accurately extract what is appropriate for the user’s interest in a large
amount of data. It is especially important for business mangers to establish marketing policies to find the
right customers for them in many users. In this paper, we try to obtain important information centering
on customers who are interested in each account through Twitter follow — following relationship. Because
Twitter's current follower relationships do not reflect the user’s interests, we try to figure out the details
of interest using keyword extraction methods for tweets of followers. To do this, we select two domestic
commercial Twitter accounts and apply the sequential pattern evaluation index to the mining key phrase
of the text data collected from the follower.
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16 := sez of pages

2 for each pege p in G do

3 p.auth=1// p.auth i3 the authority scors of the page p
4 phub=1/{ phub i3 the hud scors of the page p

5 function HubshndAuzhoritiss(G)

6 for szep fron 1 to k do // run the algorith for k steps
7 nom=1]

8 for each page p ir 6do // update all autherity values first
9 p.auth =

10 for each page ¢ in p.incomingeighbors do // p.incomingNeighbors is the set of pages tha link to p
1 p.auth += g.hub

1 norm += sguare(p.auth) // caleulate the sun of <he squared auth values to romalise
13 rom = sgrt(acm)

14 for each page pin Gdo // update the auth scores
15 p.auth = p.auth / nom /{ nommalise the auth values
16 nom=1)

17 for each page p in Gdo // then update all hub values
18 phub =0

19 for each page I in p.out:
20 poub 4= r.auth

il norn += syuare(p.hub) // caleulate the sum of the squersd hub values to rormalise

ingheighbors do // p.outqoingeighbors is the set cf pages that p links to

22 rom = sqrt{xem)
23 for each page p ir Gdo [/ then update all hub values

4 o.ub = phub / nerm [/ rormalise che hub values

[Fig. 1] HITS Algorithm
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<Table 1> The significance indices according to the
occurrence frequency measure for words

Frequency measurement Indices of words termi

DF =D

Eterm;

| | TF = Zfreq(termi, dj)
j

TF/ Y TF,

term;

TF/ (TF=Y)1F, )

term;

DF/|D}

Odds DF/(DF— D)

Support

Entropy (DF/|D)log, (DF/| D] (zr) D18, Vogs (17 Y TF,....)
Jaccard DF TF
coefficient | DEF(w, U ..U w,) TF(w,V ..U w)
TFIDF TF*log(lDl/ DF)
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<Table 2> The sequence pattern indices by frequency
of occurrence measure for partial sequential o

Frequency measurement Indices of words term;

DF = |D€mm,| TF = ;freq(termi, d;
Heading
Corfidence | DF/DF(w,, D) TF/ TF(w,, D)
(H-Conf)
Max Confidence max DF max TF
(MaxConf) DF! (wk, D) 1F (wka D)
All Confidence DF TF
(AllConf) max (DF(w,, D)) max (7F(w,, D))
Squential DF TF
Confidence max(DFG, ,_ D)) max(Z7FG,, D))
(SegAllConf) S o
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H
BE2= MeCab [16]3} EA ol vl 5= IPA A4 (mecab Word TF TFIDF H-Conf(TF)
~ipadic-2.7.0-20070801)<- ©]-8-8t}. FLR(term,, D) > 1 adduA s 15 197476 08t
o) Tr A ela} 7+ A Bz o3 BlAE 73t Eolo|x 2435 914.85 067
FHE]
3 7 ElAE AR A% fo] 2% ATE Table 3] ElzE 2176 1425 0.49
G 253 1248 267857 0.37
o Hee 1972 2502.27 037
CEE] 1283 147858 0.8
<Table 3> Numbers of Collected Data 1] 2161 2876.38 0.26
M 311 377432 0.19
Account Numbers of | Dl Candidate set
Followings Fall 257 143355 0.17
Interpark 4257 367499 296171 MER| = ~E 241 206489 0.15
Yes24 4321 351841 283457
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