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Abstract In this paper, we use face database to detect human emotion in real time. Although human emotions are defined
globally, real emotional perception comes from the subjective thoughts of the judging person. Therefore, judging human
emotions using computer image processing technology requires high technology. In order to recognize the emotion, basically
the human face must be detected accurately and the emotion should be recognized based on the detected face. In this
paper, based on the Cohn-Kanade Database, one of the face databases, faces are detected by combining the detected faces
with the database.
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Fig. 1. AdaBoost Algorithm
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