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Abstract

In this paper, we present a new saliency detection algorithm using the mutual information of wavelet subbands. Our
method constructs an intermediate saliency map using the power operation and Gaussian blurring for high-frequency
wavelet coefficients. After combining three intermediate saliency maps according to the direction of wavelet subband, we
find the main directional components using entropy measure. The amount of mutual information of each subband is
obtained centering on the subband having the minimum entropy The final saliency map is detected using Minkowski sum
based on weights calculated by the mutual information. As a result of the experiment on CAT2000 and ECSSD databases,
our method showed good detection results in terms of ROC and AUC with few computation times compared with the

conventional methods.
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Tablel.  AUC value comparison for two databases.

CAT2000 ECSSD
CAS 0.80 0.73
SRA 0.72 0.60
WLF 0.76 0.74
WE 0.77 0.66
A 0.87 0.78

2 "o Made(odAl AE AZEHID (B F)
Table2. Comparison of average computation times 2
saliency detection (unit: sec)
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