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Abstract

Low-dose X-ray fluoroscopic image sequences to avoid radiation exposure risk are contaminated by quantum noise. To
restore these noisy sequences, we propose a 3D nonlocal means (NLM) filter based on stochastic distancesed can be

applied to the denoising of X-ray fluoroscopic

image sequences.

The stochastic distance is obtained within

motion—-compensated noise filtering support to remove the Poisson noise. In this paper, motion-adaptive weight which
reflected the frame similarity is proposed to restore the noisy sequences without motion artifact. Experimental results
including comparisons with conventional algorithms for real X-ray fluoroscopic image sequences show the proposed
algorithm has a good performance in both visual and quantitative criteria.
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