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[Abstract]

Virtual advertisement is an advertising technique that using computer graphic in a media production such as a sports image for
inserting product image, logo, advertising slogan, etc. Recently, the image insertion of virtual advertisement is actively spreading
due to the satisfaction of technical element for the image insertion of virtual advertisement in sports advertisement by increasing
of the image processing technology and the computing performance. In addition, image processing technology for automatic
insertion has become an important research field in the virtual advertisement field. In this paper, we propose the method of
extracting less-informative region by using image processing technique and machine learning to insert a virtual advertisement
automatically in sports image. The proposed method analyzes the brightness level of image through the histogram and extracts
the less-informative region using the machine learning method.
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