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( Maximum-likelihood Estimation of Radar Cross Section
of a Swerling I Target)
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Abstract

A maximum likelihood (ML) approach is presented for estimating the mean of radar cross section (RCS) of a Swerling
III target and its numerical solution methods are discussed. The solution methods are based on an approximate expression
for implementing the expectation maximization (EM) algorithm. The methods are evaluated and compared through Monte
Carlo simulations in terms of estimation accuracy and computational efficiency to obtain a most efficient method for both
Swerling I and Swerling III targets. The methods are also compared with a previously reported method based on
heuristics.

Keywords : radar cross section, Swerling III target, maximum likelihood estimation
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