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An investigation of subband decomposition and
feature-dimension reduction for musical genre classification
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ABSTRACT: Musical genre is indispensible in constructing music information retrieval system, such as music
search and classification. In general, the spectral characteristics of a music signal are obtained based on a subband
decomposition to represent the relative distribution of the harmonic and the non-harmonic components. In this
paper, we investigate the subband decomposition parameters in extracting features, which improves musical genre
classification accuracy. In addition, the linear projection methods are studied to reduce the resulting feature
dimension. Experiments on the widely used music datasets confirmed that the subband decomposition finer than
the widely-adopted octave scale is conducive in improving genre-classification accuracy and showed that the
feature-dimension reduction is effective reducing a classifier's computational complexity.

Keywords: Music classification, Musical genre, Subband feature, Feature dimension reduction
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Fig. 3. Classification accuracy (%) versus number of
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Fig. 4. Classification accuracy (%) versus number of
mel subband for GTZAN genre dataset with singer
filter.
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Table 1. Comparison of classification accuracy (%)
with the conventional features, MFCC and OSC. For
all the following cases, the number of segment-level
features was 24. In case of LFDA, PCA, DCT, we used
16 subbands (B = 16) in extracting features and reduced
feature dimension to 24.

Method\dataset ISMIR dataset GTZAN dataset
MFCC 76.68 53.5
0osC 79.42 57.1
LFDA Projection 80.66 60.6
PCA Projection 80.25 58.8
DCT Projection 78.74 55.6
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