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Depth Images)
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Abstract Conventional Color-Based Face Recognition Methods are Sensitive to Illumination Changes,
and there are the Possibilities of Forgery and Falsification so that it is Difficult to Apply to Various
Industrial Fields. In This Paper, we propose a Face Recognition Method Based on LBP(Local Binary
Pattern) using the Depth Images to Solve This Problem. Face Detection Method Using Depth Information
and Feature Extraction and Matching Methods for Face Recognition are implemented, the Simulation
Results show the Recognition Performance of the Proposed Method.
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Fig. 3 Local Binary Pattern Operators
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Fig. 5 Facial Structure Information Based on
Face Detection Method using Depth

A2 AES 8 g dzolA :Eo] 7}
g A HAstel, ol

)
RE Y Abtel Qi SAE @

=38 7ivetz

Askal, 1 ostAhe AHSAE @AY Alghe
8 AA Feg O F IZES FASR S
ZV2(W), MZ2(H) Z7]19 99& AFste] 4

AEA(w)E A4 ws A (1)

9o A DA B @ o, pE Hol A
A A et AES Fal ZAEe 2 o=
TAAME o 283, B 45602 A A
_ d‘VLOSE’
w—=o — 6 (4)

_41_



Face Recognition Method Based on Local Binary Pattern using Depth Images

tel olnbd 2, =9 FHet =

MICE

S

=
K3

@

shel Ab

@‘

N

6=

ﬁo

=)

oK

=]

MIEEEI

71 9]

=S

5

oz

A2l

Zhvl ek = 5-H €]

o]

o LBP7} ol %3tashel tja
odel, sha gkl A4S R

71

1
i

3D-LBP

UL

KN
T

A€}, Fig. 6

AR7F a2

7]

—_
o

)

!

3D-LBP¢]

KN
T

11]. Fig. 7

Proposed Method

Conventional Method

26 11253252
(250124925 1

1
-2

2
I Y

12512521250

2
~ |66
4

+

laver |1

0 4.{n|uinJu‘o n|n|n‘ \o'a nJo|o|o|u{ol.,‘- 0

Fig. 6 Comparison of Face Detection Methods
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Fig. 9 Data Set of Depth Face Images

Fig. 10 Test Set of Depth Face Images

Table 3 Face Recognition Method Simulation Result

Method Feature Recognition Rate (%)
Dimension |[NW| N |[NE| W | E |SW| S | SE | SM | AN | Normal | Average
LBP 12,544 5551625705775 81 | 80 | 79 |655] 8 | 845 86 75.2
ULBP 2,891 45 | 6251675775 80 |805|775(575|785| 81 34.5 72
3D-LBP 50,176 60.5| 82 | 795|795 |815(885| 90 | 725|885 |915 96 82.7
Proposed 5,782 66 |935(845| 83 | 87 | 92 |925[845|975| 98 100 89
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