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The Internet have increased the number of digital web documents related to the history and
traditions of Korean Culture. However, users who search for creators or materials related to traditional
cultures are not able to get the information they want and the results are not enough. Document
classification is required to access this effective information. In the past, document classification has been
difficult to manually and manually classify documents, but it has recently been difficult to spend a lot of
time and money. Therefore, this paper develops an automatic text classification model of traditional cultural
contents based on the data of the Korean information culture field composed of systematic classifications
of traditional cultural contents. This study applied TF-IDF model, Bag-of-Words model, and
TF-IDF/Bag-of-Words combined model to extract word frequencies for 'Korea Traditional Culture’ data.
And we developed the automatic text classification model of traditional cultural contents using Support
Vector Machine classification algorithm.
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[Fig. 2] Automatic Classification Model of Traditional Culture Texts
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