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Abstract As the amount of document data increases, the user needs summarized information to understand the
document. However, existing document summary research methods rely on overly simple statistics, so there is
insufficient research on multiple document summaries for ambiguity of sentences and meaningful sentence
generation. In this paper, we investigate semantic connection and preprocessing process to process unnecessary
information. Based on the vocabulary semantic pattern information, we propose a multi-document summarization
method that enhances semantic connectivity between sentences using VAE. Using sentence word vectors, we
reconstruct sentences after learning from compressed information and attribute discriminators generated as latent
variables, and semantic connection processing generates a natural summary sentence. Comparing the proposed
method with other document summarization methods showed a fine but improved performance, which proved
that semantic sentence generation and connectivity can be increased. In the future, we will study how to extend
semantic connections by experimenting with various attribute settings.
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