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ABSTRACT

The manufacturing facility is generally operated by a pre-set program under the existing factory automation system.
On the other hand, the manufacturing facility must decide how to operate autonomously in Industry 4.0. Determining
the operation mode of the production facility itself means, for example, that it detects the abnormality such as the
deterioration of the facility at the shop-floor, prediction of the occurrence of the problem, detection of the defect of the
product, In this paper, we propose a manufacturing process modeling using a queue for detection of manufacturing
process abnormalities at the shop-floor, and detect abnormalities in the modeling using SVM, one of the machine
learning techniques. The queue was used for M / D / 1 and the conveyor belt manufacturing system was modeled based
on 14, A, and p. SVM was used to detect anomalous signs through changes in p.
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Fig. 2 Compositions of support vector machine
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Fig. 3 Shop-floor modeling of conveyor belt
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Fig. 9 Predict abnormal data using SVM
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