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Abstract

Recently several techniques for disaster prevention based on IoT(Intemet of Things) are being developed, In this paper, a new smart
pattern classification method for electric loads is proposed, CT(Current Transformer) data are extracted from electric loads, and then
the sampled CT data are converted using FFT and MFCC, FFT and MFCC data are used for the input data of neural networks,
Experiments were conducted using FFT' and MFCC data for 7 kinds of electric loads, Experiments results indicate the superiority of
MFCC in comparison to FFT,
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Table 1. Types of loads for pattern dlassification

Number Type of Load
1 Television
2 Computer
3 Refrigerator
4 Electric Heater
5 Fluorescent Light
6 Air Conditioner
7 Microwave
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Fig. 5. Current waveform of computer
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Fig, 6, Current waveform of electric heater
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Fig. 7. Current waveform of fluorescent light
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Table 2. The Experimental Results for 128 Data

None FFT MFCC
Number of Error 4/35 4/35 3/35
Rate of Accuracy 0.8857 0.8857 0.9143
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Table 3, The Expetimental Results for 512 Data

None FFT MFCC
Number of Error 3/35 3/35 1/35
Rate of Accuracy 0.9143 0.9143 0.9714
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