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Abstract

In this paper, we presents a pattemn recognition by considering the spatial co-occurrence among micro-patterns of texture images,
The micro-pattems of texture image have been extracted by local binary pattem based on median(MLBP) of block image, and the
recognition process is based on co-occurrence among MLBPs, The MLBP is applied not only to consider the local character but also
analyze the pattem in order to be robust noise, and spatial co-occurrence is also applied to improve the recognition performance
by considering the global space of image, The proposed method has been applied to recognized 17 RGB images of 120*120 pixels
from Mayang texture image based on Eudlidean distance, The experimental results show that the proposed method has a texture
recognition performance,
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(1. o]2f3t Zzke] QA4S ¢35 EAFE 7HEole T4 (struaural) HH, Alaa]2](signal
processing) A4, 12131 B A (statistical) o] QTH1-3]. 1 FollM = 272 ddsht ow
UFE &35 7B BAA H2Ho] de] o] =L 9t

AR A 2H sfartele] BAK £4E ol8she gmy level cooccurrence
matix(GLCM)o] da] o] &3 JrH2, sHAF GLOMeE oite] wetaol whet ajZHe
A7} AL 1ol whE ARRESE 2RERE Aleko] girt. o]2idt GLOMe] AlekS: s A5}
I3} tjeto 2 Z-2o0]RsE (local binary pattem : LBP)s o] A= 2ITH3-9].

IBPE= o] AHERE Slsl Alekd drfos Azte] Exunt opel =9l
1914, g7 Sl de] o]8-Ear QI3 IBPE £E|3H(thresholding)9} - 3Hencoding)
HHog FAHY, Axto] 74dslar AfFo s $3 A5S 7HA FREAS Yehfietl
7F¢ el o] § =3 JTH3), sHAIRE o] 28t} Sl whe} s|AE 13 (histogram) HHl7}
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O 1. 3'3 EEYYC| LBPSE MLBP o
Fig. 1. IBP and MIBP examples on 3*3 block image
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Table 1. Euclidean distances among 17 texture images

oy 1 2 i3 4 s 6 ti_7 8 9 610 | 611 | 612 | 613 | d.14 | 615 | 616 | .17
il 0 1143 600 1877 | 4620 | 2418 | 2026 | 2182 | 1877 | 1400 | 2122 | 2147 | 1642 | 2039 | 2672 | 1633 | 1950
2 1143 0 812 1229 | 4203 | 2404 | 1242 | 1728 | 1323 625 2356 | 1380 01 1335 | 2127 960 1459
i3 | i3 | 812 0 1494 | 4362 | 2359 | 1673 | 1936 | 1565 | 1036 | 2079 | 1801 | 1272 | 1697 | 2345 | 1244 | 1624
4 | 1877 | 1229 | 14% 0 3712 | 2507 | 927 | 1301 | 671 01 | 2637 | 1256 | 771 720 | 1617 | 514 773
S | 4620 | 4203 | 4362 | 3712 0 4687 | 3800 | 4098 | 3864 | 4073 | 4997 | 3914 | 4037 | 30699 | 3355 | 3843 | 3928
ti_6 2418 | 2404 | 2359 2507 | 4687 0 2547 | 2774 2421 2393 3301 2639 2424 2506 | 2925 2431 2448
67 | 2026 | 1242 | 1673 | 927 | 3860 | 2547 0 1535 | 1164 | 8% | 2805 | 1317 | 914 738 | 1614 | 910 | 1313
8 | 2182 | 1728 | 1936 | 1301 | 4098 | 2774 | 1535 0 1159 | 1448 | 3003 | 1807 | 1332 | 1315 | 2155 | 1376 | 1256
9 1877 | 1323 1565 671 3864 | 2421 1164 | 1159 0 1043 | 2721 1414 P2 875 1833 774 746
10 [ 1400 | 625 | 1036 | 901 | 4073 | 2393 | 834 | 1448 | 1043 0 2425 | 1263 | 634 08 | 1872 | 671 | 1182
11| 2122 | 2356 | 2079 | 2637 | 4997 | 3391 | 2805 | 3003 | 2721 | 2425 0 2088 | 2587 | 2814 | 3362 | 2491 | 2818
ti12 | 2147 | 1380 | 1801 1256 | 3914 | 2639 | 1317 | 1807 | 1414 | 1263 | 2988 0 1172 | 1295 1858 | 1156 | 1404
13 | 1642 901 1272 771 4037 | 2424 914 1332 952 64 2587 | 1172 0 93 1905 724 919
14| 2039 | 1335 | 1697 | 720 | 3699 | 2506 | 738 | 1315 | 875 908 | 2814 | 1295 | 953 0 1433 | 734 | 1098
15 | 2672 | 2127 | 2345 1617 | 3355 | 2925 1614 | 2155 1833 | 1872 | 3362 1858 | 1905 | 1433 0 1638 | 1933
616 | 1633 | 960 | 1244 | 514 | 343 | 2431 | 910 | 1376 | 774 671 | 2491 | 1156 | 724 7% | 1638 0 881
617 | 1950 | 1459 | 1624 | 773 | 3928 | 2448 | 1313 | 1265 | 746 | 1182 | 2818 | 1404 | 919 | 1098 | 1933 | 881 0

Bt | 1903 | 149 | 1641 | 1347 | 3838 | 2549 | 1495 | 1789 | 1435 | 1336 | 2682 | 1695 | 1361 | 1425 | 2038 | 1293 | 1514

SUL ZA0[TIHE AL0|Q] SAZY Hl= 7|8 mHEHQIA
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